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e We examine what professional forecasters predict. Broad
movements like trend or business cycle, or also an irreg-

ular component that is hard to predict by models and We consider the model y; = pt + ¢t + €¢ , where y; is

non-experts? the observed time series, 1+ represents the trend, ¢t the
e Method: Use spectral analysis and state space modelling business cycle, and & the irreqular component. In other

to decompose real-time economic time series into a trend, words, we have a slow-moving component, an interme-

a business-cycle, and an irreqular component. To exam- diate component, and a high-frequency component. We

ine which components are captured by forecasts of the isolate these different frequency bands by a low-pass

Survey of Professional Forecasters (SPF), we regress the filter derived by Baxter and King (1999).

forecasts on the estimated components.

e Key finding: Forecasters can predict almost all variation
due to the trend and the business-cycle, but forecasts

contain little information about the irreqular component.
- - - e | The trend-cycle model of Harvey (1990):

Yyt = Ht + ¢t + €4, et ~ N(O, O'g).
The smooth trend component is specified as
2
Hep1 = Ht+ Ve, Ve =ve+ G G~ N(O, 07),
The business cycle component is represented by
Ct41 = PCtCOS A+ pctsin A+ ki, ke ~ N(O, 0,%),

C{4q1 = —pctsinA+ pcycos A+ ki, ki ~ N(O, 02),

where the unknown coefficients p,)\,ancl,a,% represent
the damping factor, the cyclical frequency, and the cycle
error term variance, respectively.

The professional forecasts are related to the components
of the historical time series by

ft = Bo + B1iit + PaCt + B3&t + vy,
where f is the professional forecast for time period t.
When the Survey of Professional Forecasters perfectly
predicts the actual values, we have B = (0,1,1,1).
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