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Abstract

We study the allocation and compensation of human capital in the finance industry in a set
of developed economies in 1970-2005. Skill intensity and wages generally increase in finance
relative to the rest of the economy—but not in all countries and to varying degrees. Financial
deregulation and financial globalization, both statutory and de facto, are the most important
factors raising relative wages and skill intensity in finance. Differential investment in information
and communication technology in finance occurs only in a deregulated environment, and does
not have independent explanatory power. High finance wages attract skilled immigration to
finance, raising concerns for "brain drain".
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1 Introduction

High wages in finance have become a topic of public and academic attention following the 2007—
2009 financial crisis, both in the United States and Europe. The crisis sparked a growing interest
in understanding what explains wages in finance, due to the perceived centrality of finance as the
cause, catalyst or propagator of the current economic downturn. There are three main reasons for
this. First, given that high wages in finance persist even after the crisis begs the question whether
social returns are dwarfed by private returns to workers in finance. To the extent that high wages in
finance reflect short-term high power incentives, these incentives may not be aligned with long-term
social interests. Second, socially inefficient high wages in finance may draw talent from other more
productive sectors of the economy. Third, high wages in finance contribute significantly to overall

inequality.

We compare the financial sector to the rest of the nonfarm private sector in a set of 22 industri-
alized and transition economies in 1970-2005, and document a set of facts. First, there is significant
heterogeneity in the trends of relative wages in finance: Half of the countries see increases, while the
remainder are split between decreases and mixed trends. Second, these trends are not explained by
broad changes in skill composition; within-group relative wage changes in finance explain almost
all of the variation in finance relative wages, in particular, relative skilled wages in finance. A
benchmark wage series based on observed changes in skill composition and time-varying returns
to skill does not track well the finance relative wage in most countries, both in levels and change
over time. As a result, the evolution of finance excess wages, defined as the difference between the
finance relative wage and the benchmark series, is very similar to the evolution of relative wages in
finance.! Third, about half of the countries in the sample exhibit increasing relative skill intensity
in finance. However, the pattern of increases and their magnitudes are not commensurate with
changes in relative wages in finance, which is consistent with the second finding. We also show that

finance can explain a large part of changes in overall inequality across countries in our sample.

We then investigate four potential explanations for the rise in relative wages and relative skill
intensity in finance: Technology, financial globalization, expansion of domestic credit, and financial

deregulation.

Information and communication technology (ICT) may drive demand for skill because, as we

document, finance increased its relative intensity of ICT and, as we estimate, ICT is relatively more

! Celérier and Vallée (2013) estimate that the finance wage premium in France is driven by higher private returns
to talent in finance. This shows up in our data as high skilled finance relative wages.



complementary to skill in finance. Autor, Levy, and Murnane (2002) document how computeriza-
tion affects demand for labor and job complexity in two large banks.? In the presence of unobserved
heterogeneity in the ability to exploit ICT, relative ICT intensity can help explain within-group

changes in relative wages in finance, as Célérier and Vallée (2013) also conjecture.

Both financial globalization and domestic demand for credit can be skill biased, i.e. increase
demand for skill and drive up wages in finance, in particular of skilled workers. Serving investors
from abroad and managing investments overseas requires specific skills. If supply of such skills
is not perfectly elastic, then a more globalized financial system will drive up wages of those who
possess these skills. Similarly, when demand for credit is high, it may be necessary to employ more
highly skilled workers to screen potential borrowers and then to monitor them. Monitoring may

require efficiency wages in order to avoid the threat of moral hazard.

Finally, the regulatory and competitive environment affects the optimal organization of firms.
Tight regulation inhibits the ability of the financial sector to take advantage of highly skilled
individuals because of rules and restrictions on the ways firms organize their activities, thus lowering
demand for skill in finance (Philippon and Reshef (2012)). Therefore, deregulation will increase
relative demand for skill and relative wages in finance. Indeed, Guadalupe (2007) provides evidence
that competition increases demand for skill. There is also evidence that organizational change can
be skill-biased; see Bresnahan and Trajtenberg (1995), Bresnahan, Brynjolfsson, and Hitt (2002),
and Caroli and Van Reenen (2001).

We find that deregulation is the most important driver for wages and relative skill intensity in
finance in our sample. In particular, deregulation of international capital flows has a robust and
positive effect on relative wages and skill intensity in finance across all regression specifications that
we entertain, and its impact is economically large. For example, when restrictions on international
capital flows are removed (to the extent that they were in, say, Belgium and the Netherlands), the
relative wage in finance increases by 0.37 and the relative skilled wage in finance increases by 0.45.
This is compared to average increases of 0.13 and 0.08 in the sample, respectively. This echoes the
findings in Philippon and Reshef (2012) for the U.S. Using micro data for the U.S., U.K., Germany
and France, and controlling for observables, Wurgler (2009) finds similar trends to our excess wage

series for these countries. Wurgler (2009) also argues that financial deregulation may help explain

% Autor, Levy, and Murnane (2002) focus on digital imaging technology. A more recent technology in banking is
internet-based services, that can replace medium-skilled employees, and leverage the skills of highly skilled employees
who design these services.



the different experiences of the U.S. and the U.K. on one hand, versus Germany and France on the

other hand—Dbut he does not estimate this, nor does he test alternative hypotheses.

While higher ICT-skill complementarity in finance and the increase in relative ICT intensity in
finance mechanically drive relative demand for skill and skilled wages, this relationship mechanical,
not causal. In the presence of deregulation, ICT has no explanatory power. The differential
investment in ICT finance relative to the rest of the private sector is largely driven by deregulation;
financial globalization (de facto measures of exposure) and, to a lesser extent, demand for domestic

credit also matter.

Morrison and Wilhelm (2004) and Morrison and Wilhelm (2008) argue that investment in ICT
affected the optimal organization of investment banks in the U.S.: Codification of activities reduced
the incentives for accumulation of tacit human capital through mentorship, which led to change from
partnerships to joint stock companies. This change would also lead to higher wage compensation
versus illiquid partnership stakes that are "cashed in" only upon retirement. While this argument
is germane only to American investment banks (we study 22 countries), our results are consistent
with it: Deregulation is the impetus for investment in ICT and reorganization in finance. Larger

investments in ICT in finance relative to the private sector occur only after deregulation took place.

One concern about high wages in finance is that they attract skilled workers from other parts
of the economy, where they may be more productive socially. Addressing the distinction between
social and private returns is beyond the scope of this paper. However, if competition for talent is
fierce, the same forces may manifest themselves across international borders. Here, it is relatively
clear that attracting skilled workers from other countries has detrimental effects on the country of

origin.

We examine whether high wages in finance attract workers across international borders. To
examine this hypothesis we use bilateral immigration data in a sample of 15 industrialized countries,
where immigrants in each destination are differentiated by level of education and industry. We fit
regression models that resemble gravity equations from the international trade literature (e.g.,
Ortega and Peri (2012)), and find that high wages in finance do attract skilled workers across
borders. This effect is not present for unskilled workers or for skilled workers in other sectors of

the economy. This raises concerns that high wages in finance cause brain drain.

Our work contributes to several strands of literature. First, focusing on human capital sheds

light on the organization of the financial sector. Finance is thought to have an important role in



economic development (e.g., Rousseau and Sylla (2003) and Levine (2005)). Therefore, understand-
ing how it functions is important for understanding how finance performs its role and contributes

to society, in terms of higher income and faster growth.

However, it is important to distinguish between human capital and wages within finance, and
its overall size. The growth of finance and its internal organization are not the same phenomena,
and follow different—although probably not independent— paths.? For example, juxtaposing the
findings in Philippon (2012) with Philippon and Reshef (2013), we see that in the U.S., finance
grows continuously from 1945 and on, but that growth is not always skill biased. In 1945-1980
finance hires more workers with the same skill composition as the rest of the economy. In 1980-1995
growth of finance comes with disproportionately highly skilled workers, but these workers are paid

competitive wages. Only after 1995 we observe growth, skill bias, and excess wages together.

Second, we contribute to the literature on the allocation of talent. Both Baumol (1990) and
Murphy, Shleifer, and Vishny (1991) stress the importance of allocating the most talented individ-
uals in society to socially productive activities. Policies and institutions that can readily influence
this allocation can be much more important for welfare than the overall supply of talent. Indeed,
we find that regulation is the most important determinant of wages in finance. Wurgler (2009) and
Cahuc and Challe (2012) argue that the existence of financial bubbles can attract skilled workers
to finance. In line with this, Goldin and Katz (2008b) document a large increase the number of
Harvard undergraduates who choose a career in finance since 1970, as well as an increasing wage
premium that they are paid relative to their piers. And Oyer (2008) argues that lifetime income
differences in times of financial booms attract Stanford MBAs to finance, rather than consulting or
marketing. Kneer (2013a) and Kneer (2013b) argue that financial deregulation has disproportion-
ately detrimental on other skill intensive sectors, while Cecchetti and Kharroubi (2013) argue that
credit growth hurts disproportionately R&D-intensive manufacturing industries. Although direct
evidence is not provided, these authors interpret their findings as indicating a brain-drain from
the real economy into finance. Here we provide direct evidence that internationally, high wages in

finance attract highly educated individuals.

Our work also contributes to the understanding of demand for skill and income inequality. The

overall rise in relative demand for more educated workers in developed countries, as well as the

3We do not ask whether there is "too much finance", ¢f. Arcand, Berkes, and Panizza (2012), Cecchetti and
Kharroubi (2012), and Beck, Degryse, and Kneer (2012). Philippon and Reshef (2013) show that the rise of the size
of finance is not correlated with growth in a set of currenlty industrial countries. In addition, the relationship of
finance to income is not straightforward. The evolution of wealth in Piketty (2014) should directly affect the total
payments to finance—not the wage rate or organization in finance.



increase in their relative wages, is well documented, e.g. Machin and Van Reenen (1998). Berman,
Bound, and Machin (1998) attribute this to skill-biased technological change. Autor, Katz, and
Krueger (1998) and Autor, Levy, and Murnane (2003) discuss the role of computers in driving
this shift in relative demand, while Acemoglu (2002a) argues that the increase in supply of more
educated workers biases innovation towards equipment that is more complementary to their skills.
Acemoglu and Autor (2011) highlight these and other forces that may affect relative demand,
in particular globalization and offshoring. We show that financial deregulation is an additional
determinant to the bias in technological change through its effect on investment incentives and
demand for ICT.*

In the next section we document a set of fact about wages and skill intensity in finance. In
section 3 we entertain explanations for the rise in demand for skill and wages in finance. In Section
4 we show how high wages in finance attract skilled workers across borders (skilled immigration).

In Section 5 we offer concluding remarks.

2 The facts

In this section we describe the evolution of wages and human capital in the financial sector in a
set of 22 mostly developed countries in 1970-2005. Overall, we find that while many countries
experience a rise in wages in finance, both for unskilled and in particular for skilled workers—mnot
all do. This phenomenon is not uniform; and there is much heterogeneity in magnitudes. There is
also an increase in skill intensity in many countries, but this in itself is not a strong driver of the

rise in average wages in finance.

Before turning to describing our findings, we briefly describe the data underlying the series that
we construct. We rely on the EU KLEMS dataset, March 2008 release. See O’Mahony and Timmer
(2009) for detailed documentation.

Finance is comprised of three subsectors: Financial intermediation, except insurance and pen-
sion funding (by banks, savings institutions, and companies that provide credit services); insurance
and pension funding, except compulsory social security; and other activities related to financial
intermediation (securities, commodities, venture capital, private equity, hedge funds, trusts, and

other investment activities, including investment banks). For notational simplicity we will refer to

*See Acemoglu (2002b) for a review of the early literature on skill biased technological change. Acemoglu and
Autor (2011) provide an up-to-date report on empirical findings and theoretical considerations. For other explanations
for the increase in demand for skilled workers see Card (1992), Card and Lemieux (2001), and Acemoglu, Aghion,
and Violante (2001).



this sector as "Finance". We analyze the evolution of time series in finance relative to the non-farm,

non-finance, private sector, which we denote as NFFP.5

All labor concepts here (wages, education and hours worked) pertain to employees. We chose
not to use the slightly different concept of "persons engaged", which includes proprietors and non-
salaried workers in addition to employees, for the following reason. Total compensation of persons
engaged is calculated in the EU KLEMS by total compensation of employees multiplied by the ratio
of hours worked by persons engaged to hours worked by employees. This implies the same average
wage for salaried and non-salried workers, which is woefully inadequate when comparing finance
to other sectors of the economy (consider hedge fund partners versus small business proprietors in

retail).

2.1 Trends in finance relative wages
We start with the relative average wage in finance, or simply finance relative wage, defined as

W ping = ;‘Z:; , (1)
where the average wage in each sector w; ; is calculated as total compensation of employees divided
by the total hours worked by employees. Table 1 Panel A reports the series at four mid-decade years
and decade-long changes. Figure 1 depicts the finance relative wage for four groups of countries. In
Panel A and Panel B we group countries who see relative wages in finance increasing. Luxemburg
exhibits the largest increase, followed by the U.S., Spain and The Netherlands. In these countries

the average wage in finance reaches about twice the average wage in the NFFP sector.

Panel C depicts countries with decreasing finance relative wage, with the largest drop in Italy,
mostly in 1975-1985. Panel D depicts countries with mixed trends in wy;,. Notable here are the
United Kingdom, where wy;, fluctuates substantially; and Australia, with a sharp decrease until
1985, and then an equal increase until 2005. Overall, there is significant heterogeneity in the trends
of wyy across countries: 11 countries see increases, while the remainder are split between decreases

and mixed trends.

We wish to know what is the importance of changes in the skill composition of finance for the

relative wage of finance. To asses this, we decompose changes in w;, into within and between skill

’The EU KLEMS is an industry-based dataset. As such, it does not distinguish between components of industries
that are public. For example, hospitals and schools that are publicly owned are included in health and education
services, respectively. Only public administration, defense and compulsory social security are considered the public
sector, and are thus excluded from the NFFP sector.



group changes using the formula
A(,Ufm = Z Aw;m; + Z An;w; , (2)
i i

where i € {skilled,unskilled} denotes skill groups. Here Aw; is the change of the wage of skill group
¢ in finance relative to Wy, ys,, M; is the average employment share of skill group 7 in finance, An;
is the change in the employment share of ¢ within finance, and @; is the average relative wage of
skill group ¢ in finance in the sample. The first sum captures the contribution of wage changes
within groups, while the second sum captures the contribution of changes of skill composition (the
"between" component). We compute this decomposition for each country in the sample. The
definition of high skilled workers in the EU KLEMS is consistent across countries, and implies a

university-equivalent bachelors degree.

Table 2 reports Aw f;p,, the within share (>, Aw;7;/Awy;pn) and the between share (>, An;w; /Aw fin,)
for all countries, sorted by Awy;,. We ignore five countries with particularly small changes in w;,
in absolute value (Germany, U.K., Austria, Belgium, Slovenia) because in these cases the within
and between shares become arbitrarily large, often exceeding unity (for example, the U.K.). Af-
ter ignoring these countries a clear pattern emerges. First, the within share is on average larger
than the between share, 0.64 versus 0.36, which implies that within group wage changes matter
more than changes in skill composition (this conclusion holds even without ignoring the five lowest
Aw f;p, countries). Second, the within share is strongly positively correlated with the absolute value
of Awipn; the rank correlation is 0.66 with a p-value of 0.02. This implies that big changes in the
finance relative wage are associated with big within-skill group wage changes; composition changes

matter less where changes are bigger.

To illustrate this point more clearly we compute a benchmark wage for finance

~ 14+ hpjpam

I T g gnine @
where h;; is the employment share of skilled workers in sector i, and 7,y is the skill premium
(relative wage of skilled workers minus one) in the NFFP sector. The benchmark wage @y, ¢ is the
relative wage that would prevail in finance if skilled and unskilled workers earned the same as in the
NFFP sector. Variation in the skill premium will have a strong effect on @ fin i Npin — hpppp >0

and if this difference is increasing, which is the case, as we show below. The finance excess wage is

5See appendix for derivation of (3).



defined as

P pint = Wrint — Wfint - (4)
Figure 2 reports ¢y;, ; using the same country grouping as Figure 1. Due to the availability of data
on skilled employment and wages, we are unable to match the sample of Figure 1. We see that
although the level of ¢y, is generally lower than the finance premium, defined as wyi, — 1, the
trends are almost identical, with few exceptions. This reinforces the point made above: most of

the variation in the finance relative wage is due to within-skill wage shifts.

A closer inspection of the data shows that most of the excess wage is due to the relative wage
of high skilled workers in finance. The relative wage of skilled workers, defined below, tracks w;,

very closely. Therefore, we examine this variable next.

2.2 Finance relative skilled wages

The relative high skill wage in finance is defined as

.
O fing = 2L (5)
Snffpt

where the average wage of skilled workers in each sector s;; is calculated as total compensation of
skilled employees divided by the total hours worked by skilled employees. Table 1 Panel B reports
the series at four mid-decade years and decade-long changes. The sample reduces relative to Panel
A due to availability of data on wages and employment by skill. Figure 3 depicts the finance skilled
relative wage for four groups of countries. In Panel A and Panel B we group countries who see
skilled relative wages in finance increasing. Here Australia exhibits the largest increase (but recall
the drop in wy;, until 1985), followed by the U.K., the U.S. and Canada. In these countries skilled
workers in finance command a wage premium of 50-80% relative to skilled workers’ wages working

in the NFFP sector.

Panel C depicts countries with decreasing finance relative wage, with Italy again exhibiting the
largest drop. Panel D depicts countries with mixed trends in o ;,. As with relative average wages,
there is significant heterogeneity in the trends of o;, across countries: 12 countries see increases,

three see decreases, and seven exhibit mixed trends.



2.3 Finance relative skill intensity

We now consider relative skill intensity in finance, defined as

Pring = Nfint — Pngppt s

where h;; is the employment share of high skilled workers in sector i. Table 1 Panel C reports
the series at four mid-decade years and decade-long changes. The sample reduces relative to Panel
A due to availability of data on employment by skill. Figure 4 depicts the finance relative skill
intensity for two groups of countries. In Panel A we group countries who see relative skill intensity
in finance consistently increasing. By far, Spain and Japan see the largest increases, where their

financial sector becomes more than 30 percent points more skill intensive in 2005.

It is interesting to compare the changes in py;, , to changes in finance relative wages. Spain and
The Netherlands see significant increases in both. But Luxemburg and the U.S., while exhibiting
the largest increases in wy;,, see only very modest increases in relative skill intensity. This is
manifested in the poor ability of the benchmark wage to track the finance relative wage, especially

in the countries and periods when the increase in the finance relative wage is large.

2.4 Finance wages and overall inequality

Changes in the relative wage of skilled workers are an important dimension of overall changes
in wage inequality. Therefore, we wish to asses how much finance contributes to changes in the
relative wage of skilled workers in the nonfarm private sector (including finance), denoted here as
A7.” Skilled workers are consistently defined in the EU KLEMS as holding a university-equivalent

bachelors degree. We follow a similar approach as in (2), and decompose
Ar = Z Aﬂ'jﬁj + Z Ahjﬁj , (6)
J J

where j € {fin,nffp} denotes the two sectors that comprise the nonfarm private sector (finance and

NFFP). Here Ar; is the change in the relative wage of skilled workers in sector j relative to the

"Using survey data and corrections for top coding, Philippon and Reshef (2012) find that finance accounts for
15% to 25% of the overall increase in wage inequality in 1980-2005. Roine and Waldenstrém (2014) show how close
the finance relative wage in Philippon and Reshef (2012) tracks the share of income of the top percentile in the U.S.
over the entire 20 century. In line with this, Bakija, Cole, and Heim (2012) document that financial professionals
increased their representation in the top percentile of earners (including capital gains) from 7.7% in 1979 to 13.2%
in 2005, while their representation in the top 0.1 percentile of earners from 11.2% in 1979 to 17.7% in 2005 (see also
Kaplan and Rauh (2010)). For similar evidence for the United Kingdom and France, see Bell and Reenen (2013) and
Godechot (2012).
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overall average wage of unskilled workers in the nonfarm private sector and 7; is the average relative
wage of skilled workers in sector j, thus defined. This definition is useful because, as we note above,
most of the variation in the finance relative wage is driven by skilled wages in finance. Here Ej is the
share of skilled workers employed in sector j out of the entire nonfarm private sector and Ah; is the
change in that share for sector j. The first sum captures the contribution of wage changes within
sectors, while the second sum captures the contribution of allocation of skill across sectors (the
"between" component). We compute this decomposition for each country in the sample. Another

way to arrange the elements of (6) is
Ar = (AT pinhfin + AhginT gin) + (A fpling pp + Mhng ppTns fp) - (7)

This way we can examine directly the contribution of finance, by summing its within and between
components. This captures both the effect of changes in finance skilled wages, given the number
of skilled workers in finance, and the effect of changes in allocation of skilled workers to finance,

given their relative wage.

Table 3 reports Am, the within share (3_; Amjhj/Ar), the between share (22; Ahym; /AT,
and the finance share ((Aﬂ' fmﬁfm + Ah fmﬁfm) /Am) for all countries, sorted by A7 in decreasing
order. First, we see that 7w has increased in several countries in our sample, while in others it has
not, and even declined. Second, the within share completely dominates the decomposition, it is on
average equal to one; it is changes in relative skilled wages, not changes in allocation of skill across

sectors that derives Amr.

When we examine the contribution finance in Table 3, it is useful to differentiate between cases
in which the finance share is positive, and when it is negative. When the finance share is positive,
this means that finance contributes to A7 in the same direction. The average contribution across
these cases is 36% (26% without Australia). When the finance share is negative, this means that
finance contributes to A7 in the opposite direction. With the notable exception of Italy (where
finance relative wages decline sharply, albeit from a high level), this happens when A7 is negative.
This implies that even as overall trends in the economy are to lower inequality, finance counters
this and contributes to increasing inequality. The average contribution across these cases is —21%.
Given the size of finance in total skilled employment (6%, or 5.4% without Luxemburg, which

employes 20% of its skilled workers in finance) these are large contributions to inequality.
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3 Explaining finance relative demand for skill and relative wages

There are two main competing theories for variation in relative demand for skill and relative wages
in finance: One relies on technology, while the other relies on regulation. For example, Autor, Katz,
and Krueger (1998) and Autor, Levy, and Murnane (2003) highlight the role of ICT in changing
demand for skill—in particular, replacing routine tasks and augmenting non-routine cognitive skills.
If computers diffuse more rapidly in finance relative to the rest of the economy, then this can help
explain relative skill intensity and relative wages in finance. In addition, the strong complementarity
of ICT with non-routine cognitive skills can help explain changes in within-education group finance
relative wages. If highly educated workers possess such non-routine cognitive skills, then higher
ICT intensity in finance can help explain the higher wages that these workers in finance command,

relative to similar workers in the rest of the economy.

In contrast, Philippon and Reshef (2012) argue that financial deregulation is the main driver of
relative demand for skill in finance, and that technology plays a more modest role. In this section
we test which theory has more explanatory power. In addition, we also study the effects of changes
in de facto financial globalization, and domestic demand for credit. All can potentially increase

demand for skill and wages in finance.

We stress that we wish to explain the differential part of the rise in demand for skill and wages
in finance, the part that is net of demand for skill and wages in the NFFP sector. Some of the
forces that affect demand for skill operate in analogous ways in finance and in the NFFP sector, for
example, the precipitous drop in the price of computing power. However, the differential demand
for skill is the more interesting object—we document this part in Section 2 above—and which may

be driven by forces that do not operate in the NFFP sector.

We use a simple framework to organize the discussion. Suppose that output in sector j in time
t is produced using three factors: High skill labor H, low skill labor L and computer capital C. Let

the production function take a nested CES form as follows

o—1 A onl o—1
Yie= {%’Lj,f + (1) [uj,tCﬁZHj,t %} } )

where aj,v; € (0,1), p;, is a factor augmenting parameter for the skill-capital composite, and
o > 1. The important feature of this production function is that the elasticity of substitution

between skilled and unskilled labor ¢ is greater than the elasticity of substitution between skilled

12



labor and computers, which is equal to one here: This implies computer-skill complementarity.®
Adding a second type of capital along the lines of Krusell, Ohanian, Rios-Rull, and Violante (2000),
or a different elasticity of substitution between skilled labor and computers (while maintaining the
ranking above) unnecessarily complicates the analysis. We assume that o is the same in all sectors,

while a; and ; may vary across sectors.

If factor markets are competitive, without adjustment costs and without compensating differen-
tials, then factor returns are equalized across sectors. Let s and w be the hourly wages for high and

low skill workers, respectively, and let r be the rental cost of computer capital. Cost minimization
C )
In <> —n Y +In (f)
H it 1 —qj T/t

Inhj; =cj—olnmy+ (0 —1)a;1n (;)t +(—1DInp,,,

implies

and

where hj; = Hj;/Lj;, ¢; is a constant and m; = s;/w;. All else equal, a drop in the cost of
computers r increases their use in production, which, in turn, increases relative demand for skill
in any sector. Similarly, an increase in p drives up relative demand for skilled labor. Evidence
in Goldin and Katz (2008a) and Machin and Van Reenen (1998) supports the notion of a secular
trend in p for the aggregate economy in the U.S. and other OECD countries. But we are interested
in demand for skill of the financial sector relative to the rest of the economy. The relative demand

for skill in finance versus the NFFP sector is given by

S
Inhping =0 hoprpy = e+ (0 = 1) (agm — anspp) In (;)t + (o= 1) (I pping —Wpgp,e) » (8)

where ¢ = ¢y, — cpppp is a constant. The relative wage m does not affect the relative skill intensity
in finance because we assume o f;;, = 0y, ffp. Philippon and Reshef (2012) show that 7, in conjunc-
tion with different elasticities, cannot be an important factor in explaining the increase in relative
skill intensity in finance. We view (i, , as capturing all non-computer factors that increase rela-
tive demand for skill in finance, including deregulation, domestic demand for credit and financial

globalization.

Differences in the intensity of computers in production allow for an effect of computer prices r

on relative demand. All else equal, if finance is more computer intensive, i.e. a;p > qyfpp, then a

8Estimates of the aggregate elasticity of substitution between skilled and unskilled labor are typically greater than
one, and on the order of 1.5; for example, see Katz and Murphy (1992) and Krusell, Ohanian, Rios-Rull, and Violante
(2000) and others cited in Autor and Katz (1999). However, these aggregate elasticities can mask heterogeneity of
elasticities at the sector level, possibly below one (Reshef (2011)).

13



drop in r drives up the relative demand for skill in finance. If oz, = a1 fp, then changes in r have
no effect. However, note that in this case an increase in pp;, will still drive up the relative use of
computers in finance, because an increase in fi;, increases the marginal productivity of all factors

in finance, including computers.

Turing from theory to empirical results, we estimate below somewhat higher ICT-skill comple-
mentarity in finance relative to NFFP sector. We also find an increase in relative ICT intensity in
finance versus NFFP. Together, these can potentially explain the rise in relative demand for skill
and relative wages in finance. However, in the presence of deregulation, relative ICT intensity in
finance has no explanatory power for relative skill intensity and wages. In fact, relative ICT in-
tensity is largely determined by deregulation. We interpret these findings as follows: Deregulation
makes the differential investment in ICT worthwhile; without deregulation there would be similar
investment in ICT and similar demand for skill in finance as in the NFFP sector. This is consistent
with the case of ay;, = aypf,. Deregulation may also have an effect over and above its effect on

incentives to invest in ICT, but our empirical analysis cannot separate these two channels.

The theoretical framework above and the empirical results are not inconsistent with the analysis
and findings in Morrison and Wilhelm (2004) and Morrison and Wilhelm (2008), which are discussed
in the introduction. While changes in ICT intensity may affect optimal organization in finance, the

differential change in ICT intensity in finance is driven by deregulation.

We now move on to describe our explanatory variables, and then estimate the ICT complemen-
tarity to skill in finance and compare it to complementarity in NFFP. We then fit relative wage

and relative skill regressions that allow entertaining a horse race between ICT and deregulation.

3.1 Explanatory variables

Information and communication technology

Computers and software are complementary to complex tasks (non-routine cognitive) and substi-
tutes for routine tasks (Autor, Levy, and Murnane (2003)). Employees in complex or analytical
jobs become more productive, while the demand for routine jobs decreases. The financial sector
has been an early adopter of I'T. We therefore consider the share of information technology capital,
communication technology capital, and software in the capital stock of the financial sector minus

that share in the aggregate economy.”

9Yates (2000) documents the industrial use of IT—telephones, typewriters, improved filing techniques, tabulation
techniques, and sorting cards—during the previous information revolution, starting at the end of the 19th century.
Most of the evidence, which is descriptive, is for management in manufacturing, although some examples exist for
insurance.
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According to the technology theory, reductions in the price of computers, software and infor-
mation and communication technology (ICT) spur investment in this type of capital equipment.
Investment in ICT has a big return for finance, which is an industry that relies almost entirely
on gathering and analyzing data. This return may be greater than in the NFFP sector, leading
to relatively more ICT investment and higher stocks in finance than in the rest of the economy.
Indeed, according to U.S. fixed asset data from the Bureau of Economic Analysis, finance was the
first private industry to adopt ICT in a significant way. In the EU KLEMS data, the average ICT
share of the capital stock in finance is 2.6% in 1970, double the 1.3% share in the NFFP sector.
Investment in ICT will lead to higher demand for skill, and in the presence of worker heterogeneity

within groups, to higher wages.

The EU KLEMS dataset provides data on real capital stocks by industry (in 1995 prices), the
share of ICT in the real capital stock, and quantity indices for the total industry capital stock, ICT
capital and non-ICT capital. Not all countries in the sample report data on real capital stocks, but
all report data on quantity indices. For the purpose of illustrating an increase in ICT intensity we
appropriately use the share of ICT in the real capital stock. We define the relative ICT intensity
in finance as

O¢int = ICT _sharefin — ICT _sharepsrps

where ICT _share;; is the share of ICT in the real capital stock in sector <.

Table 4 reports 0;, for countries that have the underlying data at four mid-decade years and
decade-long changes. For almost all countries 6 ¢;, increases over time, in almost all decade intervals.
The changes also become bigger over time. Finance becomes more ICT-intensive relative to the
NFFP sector practically everywhere, at an increasing rate. Finland exhibits by far the largest
increase, followed by Denmark, Australia and the United States. Canada exhibits a low value of

0 fin, but this is because ICT intensity is high in the NFFP sector.

Financial regulation
The optimal organization of firms, and therefore their demand for various skills, depends on the
competitive and regulatory environment. Tight regulation inhibits the ability of the financial sector
to take advantage of highly skilled individuals because of rules and restrictions on the ways firms
organize their activities, thus lowering demand for skill in finance (Philippon and Reshef (2012)).
Therefore, deregulation will increase relative demand for skill and relative wages in finance.

In order to capture the regulatory environment we rely on data on financial reforms from the

Abiad, Detragiache, and Tressel (2008) dataset. The dataset includes measures of financial reform
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along eight dimensions, of which we use six:'’

1. Directed credit/reserve requirements. This measure combines the restrictiveness of reserve
ratios (>20%, 10-20%, <10%); and whether the government directs credit to certain sectors,
either by allocation or subsidized rates. Overall, this measure captures restrictiveness on the
profitability of existing banks from lending, either by restricting leverage (but also risk), or
by preventing optimal decisions on allocation of lending. When the measure is high, there

are less restrictions.

2. Interest rate controls. This measure captures the degree to which the government regulates
deposit and/or lending rates. Overall, these are interventions in the optimal choice of deposit

and lending rates. When the measure is high, there are less restrictions.

3. Entry barriers/pro-competition measures. This measure captures four dimensions of entry:
(1) The extent to which the government allows foreign banks to enter the domestic market;
(2) Whether the government allows entry of new domestic banks; (3) Whether there are
restrictions on bank branching; and (4) whether the government allows banks to engage in a
wide range of activities. The last component distinguishes between universal banking versus
Glass-Steagall type separation of credit intermediation from investment activities, but it is
not available separately. The measure is high when there is less restriction on activities and

lower entry barriers.

4. Banking supervision. This measure captures four dimensions of supervision: (1) Whether
a country adopted a capital adequacy ratio based on the Basle standard; (2) Whether the
banking supervisory agency is independent from executive branch influence; (3) Whether a
banking supervisory agency conducts effective supervision through on-site and off-site ex-
aminations; and (4) Whether the country’s banking supervisory agency covers all financial
institutions without exception. A higher measure here implies that more of these conditions

are met.

5. Privatization. This measure captures the degree to which the banking sector is public (>50%,

25-50%, 10-25%, <10%). Higher values mean a lower public share.

0The remaining two dimensions are the existence of aggregate credit ceilings, and policies regarding security
markets. We drop the aggregate credit ceilings indicator because data on this dimension is missing for most countries.
The security markets policy indicator is omitted because it has almost no variation in the sample of countries we
consider, where other data exist. This measure captures two (very different) dimensions securities market policy: (1)
Whether a country takes measures to develop securities markets; and (2) Whether a country’s equity market open
to foreign investors.
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6. International capital flows. This measure captures three dimensions of interventions in for-
eign exchange: (1) Whether all types of international activities face the same exchange rate
(“unified system”); (2) Whether there are restrictions on capital inflows; and (3) Whether

there are restrictions on capital outflows. A higher measure implies fewer restrictions.

All measures take discrete values from 0 to 3. Higher values generally mean fewer restrictions,
except for banking supervision, where some of the sub-components imply larger restrictions. We
stress that this dimension does not correspond well to the deregulation measure in Philippon and
Reshef (2012), which captures removal of restrictions on organization and financial activities. This is
captured, although very partially, in the entry barriers/pro-competition measures. A shortcoming
is that none of the measures addresses insurance services, which are an important part of the

financial system.

Table 5 summarizes levels of the linear regulation measures in 1973 and 1995, together with
their change over this period.!! Many countries in the sample obtain the highest level in several
dimensions by 1995, but there is substantial cross-country variation. In unreported tabulations we
show that cross country variation all but ceases after 1995. Therefore, when we use deregulation

in regressions we restrict the sample so that there is variation in deregulation variables.!?

Financial globalization and domestic credit

Screening and monitoring debtors, especially managing investments overseas, and serving investors
from abroad all require specific skills that may be in short supply, and they are prone to threats
of moral hazard. We expect an increase in these activities to both increase demand for skill and
increase wages, in particular of skilled workers.

When demand for credit is high, it is necessary to employ highly skilled workers to screen
potential borrowers and then to monitor them. Monitoring may require efficiency wages in order
to avoid the threat of moral hazard. We capture this using bank credit to non-financial institutions
as a ratio to GDP. The data are from Schularick and Taylor (2012). Foreign investors that are
represented by local financial firms demand high quality services, which can be only performed
by skilled workers. Likewise, investment overseas is a more complex type of activity, which also
requires highly skilled workers. If the skills needed to preform these tasks is in fixed supply, or
supply does not keep up with demand, then wages of those who can perform these tasks well will be
bid up. We capture this using a measure of de facto financial globalization, namely foreign assets

plus foreign liabilities as a ratio to GDP. The data are from Lane and Milesi-Ferretti (2007).

"Data for the Czech Republic and Hungary start in 1990.
12For example, when we use right hand side variables in levels and with three lags, our sample ends in 1998; see
below.
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3.2 ICT and complementarity with high skilled workers

In what follows we establish that ICT capital is more complementary with skilled workers in finance
than with skilled workers in the NFFP sector. This, together with the increase in its relative
intensity in finance documented above in Table 4, investment in ICT can be a mechanical force

driving demand for skill and wages in finance.
Our starting point is the short run industry variable cost function in a competitive setting:
cv (WhaVVl ; CvKaQ) )

where W}, and W; are wages of high skill and low skill workers, respectively. Here C is ICT capital,
K is all other forms of capital, and @ is output. We assume that capital is quasi-fixed and that

the cost function can be approximated by a translog function. Standard manipulations yield

B W, C K
S—n+aln<m>+ﬁln(Q>+71n<Q>+5an, (9)

where S is the wage bill share of skilled labor.'® Here /3 and v capture the degree of complementarity
of skilled labor with ICT and other types of capital. Positive values imply complementarity to skilled
labor.'* If the underlying production function is constant returns to scale, then § = 0. This is a

reasonable assumption at the industry or aggregate level, but we do not impose it.

We estimate empirical versions of (9) separately for finance, for the entire economy, and for the
NFFP sector in panel data from the EU KLEMS dataset:

Wh C K
Set =N, + aln <> + Bln <> +v1n <) +0In Qe + €et 10
t =1 W), B a). g ) Qet + Ect (10)

where ¢ denotes countries, ¢ denotes years, 7, are country fixed effects, and e is the the error term
that captures technological shocks that are not embodied in capital. Our identifying assumption
is that technology is stable over time, and that its curvature is the same across countries within
an industry (the coefficients «, 3, v and ¢ do not vary over time or countries within an industry).
The 7, terms allow technology to be different across countries within industries, for example the
fact that the U.K. is a global financial sector and may require more skilled workers. All variables

are industry-specific, including relative wages.

We use industry-specific quantity indices for C', K and @, which are equal to 100 in 1995. This

3See appendix for derivation of (9).
YT be precise, positive 8 or  imply that either type of capital (ICT or other, respectively) is more complementary
with skilled labor relative to unskilled labor.

18



renders the C'/Q and K/Q ratios equal to unity in 1995, but does not affect the estimation in the
presence of country fixed effects. The proportional adjustment to make the ratios "real" is additive
in logs and is absorbed by the country fixed effects. Quantity indices are available for 22 countries
in the EU KLEMS, and for different time periods.”> The EU KLEMS provides quantity indices
for financial intermediation (finance in our taxonomy) and the aggregate economy. We manipulate
indices for the aggregate economy, finance, farm and public sectors, using nominal values in the
base year (1995) to obtain indices for NFFP; see appendix for details. This reduces the sample to

the 16 countries that are used above in Table 4.

We follow standard methodology (e.g. Berman, Bound, and Griliches (1994)) and estimate
(10) by TSLS, instrumenting for the capital shares using lagged values. We report robust standard
errors.'® We report results using up to three lags in the instrument set, but results using other lags

are similar.

The results of these regressions are reported in Table 7. We see that ICT is complementary to
skill in all sectors, and in the aggregate. However, we find that ICT is more complementary to skill
in finance. Owing to the high precision of the estimates, this difference is also highly statistically
significant. These results hold whether or not we include In(). In untabulated results we find
similar results in specifications that constrain the country dummies to be equal in finance, the

aggregate and NFFP.17

In the presence of stronger ICT-skill complementarity and increasing ICT intensity in finance,
we can expect ICT to have strong explanatory power for relative skill intensity and wages in
finance. But if the differential investment in ICT is driven by deregulation, then we expect to find
no effect of ICT when deregulation is controlled for. We turn to testing this hypothesis in the next
subsection. In addition, note that the positive coefficients to In @) in Table 7 imply that increases
in output increase demand for skill. Inasmuch as deregulation allows differential expansion in
financial output, this provides an additional explanation for "skill-biased financial development" in
this sample (Philippon and Reshef (2007)).

15These are Australia, Austria, Belgium, Canada, Czech Republic, Denmark, Spain, Finland, France, Germany,
Hungary, Irland, Italy, Japan, Korea, Luxemburg, Netherlands, Portugal, Slovenia, Sweden, United Kingdom, United
States (NAICS based data).

16We do not cluster standard errors at the country level because there are only 13 to 20 countries.

1"These results are available upon request.
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3.3 Demand for skill and relative wages: regression analysis

We fit two sets of regressions. The first set is in levels
Yeit = 5/1‘C7t—3 +ac + 0y + Eet s (11)

where y is either the finance relative wage w t;,,, the finance skilled relative wage o f;,, the relative
skill intensity py;,, or the finance excess wage ¢;,,. Here a, and d; are country and year fixed effects,
respectively, and €. is the error term. The vector z includes explanatory variables: Relative ICT
in finance 6y;y,, bank credit to non-financial entities ratio to GDP, financial globalization (log of
foreign assets plus foreign liabilities as a ratio to GDP), and the six deregulation variables.'® We lag
x by three years to guard against simultaneity. Using longer lag lengths yield similar results, but
reduces explanatory power. We use deregulation data in 1973-1995, which restricts ¢ to 1976-1998
in specifications that use deregulation variables. We estimate (11) using OLS; identification of

relies on within-country variation, relative to the average level in a particular year.
The second set of regressions are predictive regressions in changes
Ayc,t—i—S = B,A$c,t + a. + Eet s (12)

where Ayei13 = Ye+3 — Yot and Azey = Tey — xc1—3. Here, Az is calculated simply as a first
difference.'” We use deregulation data in 1973-1995, which again restricts ¢ to 1976-1998 in
specifications that use deregulation variables. This specification is more demanding than (11)
because it controls for country-specific trends. Identification of 5 relies on within-country variation

in changes.

Specification (12) allows us to identify plausibly excludable instruments for variables in changes.
We use the relative price of ICT investment relative to other types of investment in the economy as
an instrument for changes in relative ICT intensity in finance, which is calculated based on capital

stocks.?’ A decrease in the relative price will increase relative demand for ICT investment, and

'8In the appendix we report estimates where we use indicator variables for financial deregulation as follows:
I{v=0},I{v=1orv=2} I{v=3}, where v indicates the value of the linear variable. We group 1 and 2 together
to avoid unnecessary multicollinearity when we use all six dimensions together as explanatory variables. This keeps
the regression specifications parsimonious without sacrificing much flexibility.

19Tn the appendix we also report estimates where we code the changes in each deregulation measure into indicators
for I {Av = -1}, I {Av =0}, I {Av =1}, I {Av = 2}, where Av is the change in the value of the regulation measure.
There are no Av = —2 or Av = 3 events the sample. When using indicators for changes in regulation, the reference
group is no change in all six dimensions of regulation.

20We calculate the relative price of ICT investment relative to other types of investment in the economy based
on data from the EU KLEMS as follows. We divide real ICT capital expenditures by the quantity index of ICT
capital expenditures, further divided by the same ratio for non-ICT expenditures. Since we use this variable only in
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hence will have an effect on the change in ICT intensity. As long as the response of finance and
NFFP are not the same, this instrument is relevant. It is also excludable, because in the presence
of changes in ICT intensity, the relative price has no predictive power (equation (8) is derived by
substituting ICT with its relative price). We use financial regulation in levels as an instrument
for changes in financial regulation, i.e. deregulation. Abiad and Mody (2005) discuss political
economy models that justify this specification.?! From a mechanical point of view, since the range
of financial reform variables is limited between zero and three, a higher level (less regulation) is
negatively correlated with increases (deregulation), and hence it’s relevance as an instrument. It is
difficult to think of mechanisms by which the level of deregulation affects changes in demand for

skill and wages in the presence of changes in deregulation, hence it is plausibly excludable.

We estimate four different specifications for each dependent variable. In the first specification
we only include relative ICT use in finance, domestic bank credit as percentage of GDP, and
financial globalization. In the second and third columns we include only financial reform indices.
The difference between these two columns is the sample: While the second column uses all available
observations, in the third column we restrict the sample to observations for which we have data
on the other three explanatory variables. We do this in order to demonstrate that our results on
regulation are not affected by potentially dropping influential observations that do not have data
on the other variables. Finally, we use all explanatory variables together in the fourth column.
We report robust standard errors.?? Descriptive statistics are reported in Table 7 and correlations
are reported in Table 8. We test for serial correlation in all regressions using the procedure in
Wooldridge (2002), page 310-311.23 We do not reject the null of no serial correlation at conventional
levels of statistical significance. In addition, inspection of the partial autocorrelation functions

reveals no evidence of autoregressive or moving averages in the errors.

Overall, we find a positive, significant and robust impact of financial globalization, and financial
deregulation—in particular, removing restrictions on international capital lows—on relative wages
in finance. There is some evidence that ICT derives demand for skill (holding constant wages) in

the level regressions, but none in the predictive regressions, whether we estimate with TSLS or not.

the presence of country fixed effects, the relative price captures within-country variation in a statistically meaningful
way. In other words, country fixed effects prevent us from comparing across countries uncomparable magnitudes.

2L Abiad and Mody (2005) use a nonlinear ordered logit regression, and include also the square of the level as
predictor of change. The nonlinear specification does not lend itself to TSLS. We experimented with adding the
square of the level in the first stage, but in our sample the squared level has almost no predictive power for the
change and therefore we omit it.

22We do not cluster standard errors at the country level because there are only 13 to 20 countries, depending on
the sample.

Z3Drukker (2003) presents simulation evidence that this test has good size and power properties.
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We then demonstrate that increase in use of ICT in finance over and above the rest of the economy
is itself driven by financial deregulation. This is in line with the case of sy, = 75, described in

Section 3 above.

Table 9 reports the results from level regressions (11). The first 8 columns address relative wages
and relative skilled wages in finance. The results in column 1 and 5 suggest that relative ICT use
in finance has a positive and marginally significant effect on relative wages and a significant impact
on relative skilled wages in finance. However, both the statistical significance and the magnitude

of the coefficients drop significantly when we control for financial reform variables.

Domestic credit is positively correlated relative skilled wages. This is consistent with our prior
that when demand for credit is high, it is necessary to employ highly skilled workers to screen
potential borrowers and then to monitor them. Our measure of de facto financial globalization has
a positive and significant effect on the finance average relative wage, but no effect on finance skilled
relative wage when deregulation measures are included. This is consistent with its positive effect

on finance relative skill intensity in column 12.

Financial regulation appears to be very important in explaining relative wages in finance. In
particular, lower restrictions on international capital flows has a positive and robust impact on
both relative wages and relative skilled wages in finance, which is statistically significant at the 1%
level across all specifications. The magnitude of the effect is also economically large. For example,
the estimated coefficient to the international capital flow indicator in column 8 (0.147) implies that
deregulation of international capital flows by one unit is associated with an increase of relative skilled
wages in finance by more than one third of a standard deviation. This is consistent with finance
jobs becoming more complex and with an increase in the threat of moral hazard (Philippon and
Reshef (2012)) when international capital flows become larger. Lower entry barriers are associated
with both lower average and skilled relative wages in finance. This supports the idea that more
competition leads financial institutions to minimize their costs, including cutting down rents given

to labor.

We find a positive, robust and significant effect of banking supervision on both concepts of
relative wages in finance. This may be due to a need to hire more skilled workers in order to
conform to tighter supervision and to allocate credit more profitably under Basle convention capital
requirements (see also column 12). Another Reason for a positive relationship is regulatory capture
(Stigler (1971) and Peltzman (1976)); if so, then regulation may be more beneficial to incumbents.

A close examination of the sub-components of this measure reveals that this type of supervision is
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particularly detrimental to new entrants. If some of the additional rents that accrue to banks are
passed on to workers, then this can explain the positive relationship. Lower restrictions on interest
rates increase relative wages in finance but do not have a robust impact on relative skilled wages
in finance. This may be due to the fact that simple loans are administered by lower level bank

employees.

In columns 9 to 12 we estimate the effects on relative skill intensity in finance. Relative ICT
use in finance, domestic credit and financial globalization all have a positive and significant effect
on the demand for skilled labor in finance. Among financial reform variables, privatization has
a negative effect, while banking supervision has a positive and significant impact on relative skill
intensity in finance. This suggests that privatization leads banks to be cost efficient and cut down

their expensive labor costs. Privatization also lowers skilled wages in finance.?*

Consistent with the previous results, in columns 13 to 16 we show that financial globalization,
both de jure and de facto, are strongly correlated with the excess wage. ICT is not, because the

excess wage is net of compositional changes, and is mostly driven by the relative skilled wage.

Quantitatively, Table 9 shows that restrictions on international capital flows are very important
in driving wages in finance. For example, deregulating international capital flows by one unit
increases relative skilled wages in finance by 0.147 (column 8). This translates to more than 100%
of the average change in the relative skilled wage in finance in our sample. Financial globalization
(de facto measures of exposure) and demand for domestic credit also matter. While having no
robust effect on relative skilled wages in finance, the coefficient of globalization in column 12
(0.0472) implies that a one standard deviation increase in financial globalization leads to an increase
of relative skill intensity in finance by more than one half of a standard deviation, which is an
economically large effect. In addition, a one standard deviation increase in domestic credit is
associated with an increase of relative skilled wage and relative skill intensity in finance by 0.4 and
0.1 of a standard deviation, respectively. The economic magnitude of the effect of finance relative
ICT intensity on skill intensity in finance is as large as that of domestic credit. Finally, while
removing entry barriers decreases finance excess wage, deregulation of international capital flows
as well as financial globalization increase finance excess wage significantly. Domestic credit and

relative ICT intensity in finance do not have explanatory power in explaining finance excess wages.

24 This effect is present only in low levels of privatization, as shown in appendix Table Al. Overall, the results
of the nonlinear regulation specification are similar to Table 8. The significant difference is that when allowing for
non-linear effects, the drop in the magnitude of the coefficient of relative ICT use in finance is much higher and it
becomes statistically insignificant in all regressions. That is, controlling for financial deregulation, relative ICT use
in finance does not have an effect on relative wages, relative skilled wages, or relative skill intensity in finance.
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We now turn into predictive regressions (12). Table 10 shows that the only robust predictors
for changes in relative wages and excess wages are changes in de facto financial globalization and
in regulatory restrictions on international capital flows. Changes in relative demand for skill in

finance are not related to financial globalization, and weakly to reductions in entry barriers.?’

All the results in Table 9 and Table 10 are robust to dropping outliers in changes in the relative

finance wages and relative finance skill intensity, as reported in the appendix.

Table 11 reports TSLS estimates of (12) using separately the instrument for reductions in
regulatory restrictions on international capital flows, and for changes in relative ICT intensity in
finance. In all these we find very large first stage partial F-stats, so we are not worried about weak
instruments. In the appendix we report the first stage regressions, where, as expected, regulation of
capital markets in levels is negatively correlated with deregulation (changes) in this dimension. In
addition, The relative price of ICT investment is negatively correlated with the change in relative
ICT capital intensity in finance. We cannot instrument for both endogenous variables, despite
very high first stage partial F-stats and partial R-squared when doing so. The Shea (1997) partial
R-squared are very small and much smaller than the standard R-squared; this indicates that our
instruments do not separately identify both coefficients of interest. Instrumenting for only one
endogenous variable at a time is not problematic here because of the weak correlation across all

explanatory variables in changes; see Table 8.

In columns 1 to 4 we find that the causal effect of reductions in regulatory restrictions on
international capital flows is concentrated on relative skilled wages and shows up mostly in the
excess wage—not on the overall relative wage or on relative demand for skill in finance. The
coeflicients grow in magnitude and maintain statistical significance. Specifically, the coeflicient of
international capital flows on relative skilled wage regressions increases from 0.07 to 0.12, and from
0.09 to 0.14 in excess wage regressions. In contrast, whether we instrument for ICT or not, its
effect is nil. However, when instrumenting for ICT the precision of the effect of de facto financial

globalization diminishes somewhat.

To sum up, using several specifications and estimators, we find that financial globalization and
financial deregulation of international capital flows are the most important factors driving relative

wages in finance.

25 This result holds also using the nonlinear regulation specification; see appendix Table A2.
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3.4 Deregulation, relative ICT intensity in finance, and financial globalization

In the previous section, we show that the explanatory power of ICT in finance disappears when we
control for financial reforms. In this subsection we stress the point that the incremental investment
in ICT in finance, over and above what observed in the rest of the economy, is driven by financial
deregulation. Our interpretation is that deregulation makes this incremental investment in ICT
worthwhile, which in turn affects demand for skill in finance. However, in the presence of dereg-
ulation, this channel has no additional explanatory power. Financial globalization, measured by
sum of foreign assets and liabilities as percentage of GDP here, could also be determined by finan-
cial deregulation. In particular, restrictions on international capital flows should be an important

barrier to financial globalization.

We fit three specifications that differ in the right hand side variables: (1) only international
capital flow regulation with only year fixed effects, (2) like (1) with year fixed effects, and (3) all
reform indices and both country and year fixed effects. We focus on international capital flow
regulation because we find this variable to be particularly important in explaining relative wages
and skill intensity in finance. We also restrict the sample to have exactly the sample as the one we
used in the level and predictive regressions; other samples deliver similar results. All right hand

side variables are lagged three periods and all regressions include country fixed effects.

The results reported in columns 1 to 3 of Table 12 show that lower restrictions on international
capital flows has a robust and significant explanatory power in explaining relative ICT use in finance
across all specifications. Overall, these regressions can explain 70% of variation in relative ICT use
in finance. To summarize, the results are consistent with the idea that financial deregulation made

investment in ICT in finance profitable.

The results reported in columns 4 to 6 of Table 12 strongly suggest that lower restrictions
on international capital flows are an important determinant of the de facto measure of financial
globalization. In addition, relaxing entry barriers, removing restrictions on interest rates, and
banking supervision have a positive impact on globalization, which all suggest that financial reforms
facilitate movement of capital across borders. We also find a negative effect of directed credit on
globalization. Since this variable captures constraints on domestic credit, removing these constraints
may lower reliance on international capital markets in favor of more efficient domestic markets.

Overall, the results suggest that financial reforms are important determinants of globalization.
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4 Finance wages and brain drain

Given the findings above, this is a natural to ask whether high wages in finance attract talent from
other parts of the economy. Addressing the effects of drawing talented workers to finance, and
making the distinction between social and private returns are beyond the scope of this paper. It
is very difficult to empirically characterize allocative effects between activities within an economy.
Instead, in this section we ask whether high wages in finance lure qualified workers from other coun-
tries. Here, it is relatively clear that attracting skilled workers from other countries has detrimental
effects on the country of origin—i.e. brain drain. We restrict attention to immigration within a
sample of 15 industrialized countries, where remittances and backward knowledge spillovers to the

country of origin are not likely to be large.

We find that variation in skilled wages in finance—over and above overall skilled wages—predict
skilled immigration and employment in finance and therefore affect the allocation of immigration.
We do not find evidence for this for unskilled immigrants in finance, or for skilled immigrants in
other sectors of the economy. This raises concerns that high wages in finance cause brain drain

across borders.

4.1 Immigration data

Unfortunately, to the best of our knowledge there are no comprehensive data sets that provide
information on employment both before and after immigration. Moreover, data on immigration
flows, rather than stocks are also scant. Therefore, we rely on data on bilateral immigration stocks
for 15 OECD countries in 2000.2¢ We restrict attention to immigration flows within this group of
countries in order to stay close to the concept of luring qualified workers. Moreover, this way we
restrict the incidence of remittances and backward knowledge spillovers to the country of origin.
All wages are calculated from the EU KLEMS database.

Migration stocks in a given sector in a destination country are classified by source country and
education level. We focus on highly educated workers (attaining a bachelors degree from a four
year college or from university), but we also compare our results to lower levels of education. Table
13 shows that there is considerable heterogeneity in immigration stocks by destination. Panel A

reports statistics for skilled workers. The first set of columns report the distribution of immigrants

26The countries are: Australia, Austria, Canada, Denmark, Spain, Finland, France, Hungary, Ireland, Italy, Lux-
emburg, Portugal, Sweden, United Kingdom, United States. See appendix for more details on the sample. Data
downloaded from: http://stats.oecd.org/Index.aspx?DatasetCode=MIG#
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in their destination countries (where they moved to), while the latter set of columns report the

distribution of those immigrants by source country (where they came from).

Panel A documents very high skill intensity of immigrants in finance as a share in total im-
migrants working in finance (except for France). Destination country size plays a role, as seen in
the shares of skilled immigrants in total finance immigration. But receiving relatively more skilled
immigrants in finance is virtually unrelated to their share in finance skilled employment or to their
share in overall skilled immigration to the destination. This indicates that finance-specific forces
help predict immigration employment in finance. This is manifested in two correlations: The high
correlation between the share of skilled immigrants in skilled employment in finance and their share
in total skilled immigration flows (0.84); in contrast, the share of skilled finance immigration in
total skilled immigration in a destination country is virtually uncorrelated with the same concept

for the same country as a source.

Panel B documents similar statistics for all immigrants. Given the relatively high skill intensity
of immigration to finance it is not surprising to find similar characteristics here. Yet, while we find
below that finance wages affect skilled finance immigration, finance wages have no predictive power

on other immigrants.

4.2 Finance wages cause brain drain

We start by fitting the following regression, which resembles a trade gravity equation (for example,

see Ortega and Peri (2012)):

H,fin

Hnonfin
Inm_;*" = a, + Blnw

f’fm +yInwy, + 6" Xoq+ €od - (13)

Here m,q denotes immigration stock in destination d from origin o, H denotes skilled workers,
fin denotes employment in finance, and non fin denotes employment outside finance and agricul-
ture. Here X are standard "gravity" control variables: Common language and contiguity (common
border) indicators, and the log of distance between origin and destination capital cities.?” «, are
origin fixed effects. Since we wish to estimate the effect of wages in the destination, we cannot add
destination fixed effects. To help address reverse causality we fit these regressions using one-year
lagged explanatory variables (there is no time dimension in X); results are qualitatively similar for

longer lags. We add overall skilled wages in non-finance non-agriculture sectors in the destination

*"Data from CEPII, downloaded from: http://www.cepii.fr/anglaisgraph/bdd/distances.htm#. Using different
measures of distance from the CEPII dataset hardly affects the results.
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wf’nonf " in order to see whether conditions that are correlated with average wages predict finance

immigration, rather than finance wages per se. Descriptive statistics for the variables are reported
in Table 14.

Regression results of fitting (13) to data are reported in Table 15, columns 1 and 2. The
message from Panel A is that high skilled wages in finance predict more skilled immigration into
finance, even after controlling for skilled wages elsewhere in the destination country. In contrast,
low skilled immigration does not respond to low skilled wages in finance, as seen in Panel B. In
column (2) in Panel A we estimate (13) and find an elasticity of 2.3 between finance wages and
immigration, controlling for aggregate wages. A one standard deviation increase in log finance
wages increases finance immigration by 0.54 log points, which is 23% of the standard deviation of

log skilled immigration (2.32; see Table 14).

We compare this result to a similar regression for unskilled workers in Panel B (replace all H
superscripts with L in (13)). We find that unskilled wages in finance do not predict low skilled
immigration to finance once low skilled wages elsewhere are controlled for. The coefficient to
In wﬁ’f " is small and statistically insignificant. This is somewhat surprising: If unskilled workers
do not have specific human capital and operate in a competitive environment, then differences in
industry wages should have larger effects for them—but this is not the case in the data.?® It seems
that for immigration, it is the skilled workers who respond more to industry wage differentials.

This finding is strengthened in the next specification, which we find more appealing.

In the next specification we replace mgl’f in by its share in the overall skilled immigration flow

of skilled immigration mﬁ{i’f " Im

H.fin

m ‘ 4

(;;lh; ) =a,+ SBln wé{’fm +vlIn wé{’nonfm + 0" X g+ €od - (14)
O

This specification is preferable for estimating the effect of finance wages on the attractiveness of
the sector. It also alleviates the concern that wages in finance may be correlated with overall

attractiveness of the country, thus creating a concern for endogeneity in (13).

In columns 3 and 4 of Table 15 we find a similar pattern as in columns 1 and 2: Finance wages
increase skilled finance immigration even as a share of overall skilled immigration. A one standard
deviation increase in log finance wages increases the share finance immigration by 3.2 percent points,

compared to a standard deviation of 7 percent points, i.e. 46% of the variation. As before, when

28In Table A6 in the appendix we find that this pattern is common to other sectors as well.
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we compare this to the corresponding regression for unskilled workers in Panel B (replace all H
superscripts with L in (14)), we find that unskilled wages in finance have no predictive power for

low skilled immigration in finance once overall low skilled wages are controlled for.

Our third specification asks whether the relative skilled wage within finance has an effect on

immigrant skill intensity in finance over and above the relative skilled wage in the rest of the

economy:
mH,fin wH,fin wH,nonfin
d _ d d /
(m17fin> —040‘1‘6 <wL7fin> +7 <wL,nonfin> +6X0d+€0d ) (15)
od d d

In column 6 we see that relative skilled wages within finance (wf’f in wﬁ’f m)

on the skill intensity of finance immigration (mfd’f my mOLC’lf ) relative to the effect of relative skilled

have a stronger effect

H,nonfin/wL,nonfin)
d .

wages outside of farm and finance (w, A one standard deviation increase in

wf’f m wf’f ™ increases mfd’f my mféf " by 0.34, compared to a standard deviation of 1.24, i.e. 28%

of the variation—this compared to 20% for wf’mnf my wj’mmf m

Finally, we ask whether immigration stocks in other sectors follows similar patterns as in finance.
We fit equations (13)—(15) to data on skilled and unskilled immigrants in other sectors, using
corresponding wages. We report results on skilled immigration in Table 16. Results for unskilled

immigrants are relegated to the appendix.

The relationships between wages and immigrant employment in other sectors differ from those
in finance. First, skilled wages in Real Estate and Business Services have no predictive power for
skilled immigration there. Second, although in the simple "gravity" specification (13) we find similar
results to finance in Health Services and Manufacturing, in the normalized gravity specification
(14) the coefficients to sector wages turn negative. This justifies our approach to normalize sector-
specific immigration flows by overall immigration, thus addressing concerns for endogeneity. Third,
although relative skilled wages in health services predict skill intensity of immigrant employment—

they do not for manufacturing or for real estate and business services.

Overall, we find compelling evidence that high skilled wages in finance predict skilled immi-
gration employment in finance and affect the allocation of immigration. We do not find strong
evidence for this for unskilled immigrants in finance, or for skilled immigrants in other sectors of
the economy. This raises concerns that high wages in finance cause brain drain across borders, with

detrimental effects on the countries of origin.
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5 Concluding remarks

We study the evolution of wages and human capital in the finance industry in a set of developed
economies in 1970-2005. Relative wages and skill intensity in finance are generally increasing,
but there is wide variation across countries. We find that half of the countries in our sample see
increases, while the remainder are split between decreases and mixed trends. We find similar results
for skill intensity, but these changes in composition do not explain relative wages in finance. Most of
the variation is driven by within-group wage changes, in particular skilled wages in finance relative

to skilled wages in the rest of the private sector.

We then seek to explain these patterns. We find that financial deregulation and financial
globalization are the most important determinants of relative wages and skill intensity in finance.
In addition, we find that although relative ICT intensity in finance is correlated with the allocation
and compensation of human capital in finance, this relationship is not causal. Instead, when
controlling for financial deregulation, ICT intensity has no explanatory power. The differential

investment in ICT in finance is, in fact, determined by financial deregulation.

We also document that increasing wages in finance affects the cross border allocation of talent.
We find that when finance pays higher wages, it attract more skilled immigrants. This seems to
suggest a negative externality that countries with high finance wages imposes on those with lower

wages in finance. We do not find comparable effects for unskilled workers or other industries.

Can high power incentives or scale effects explain the rise of relative wages in finance? Cheng,
Hong, and Scheinkman (2010) find that residual compensation chief executive officers (CEOs) and
risk-taking are positively correlated across finance firms in 1992-2008, suggesting that high-powered
incentives help explain wage variation within finance. However, this does not address the overall
trends in finance wages. Moreover, Philippon and Reshef (2012) show that scale effects explain
little of the wage differential of CEOs in finance versus CEOs in other sectors after 1990, the period
of financial deregulation. Understanding the mechanisms through which deregulation affects wages

in finance is an important field of future research.

Although we have shown that financial deregulation and globalization leads to higher skill
intensity and wages in the finance sector, we cannot provide evidence on whether these are socially

optimal. This requires a structural model far beyond the scope of this paper.?? The work of Kneer

29Philippon (2007) analyzes the case of endogenous growth with financial intermediation and innovation in the
non-financial sector. Michalopoulos, Laeven, and Levine (2009) model real and financial innovation in a symmetric
way.
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(2013b), Martinsson (2013), Cecchetti and Kharroubi (2012) and Arcand, Berkes, and Panizza
(2012) suggests that higher wages in finance, through their effect on talent absorption, may cause
potential harm to some industries. However, these studies only estimate difference-in-difference
effects on some sectors versus others, and their results are hard to interpret. In light of the recent
financial crisis, an important and challenging task for future research is to model the social value

and cost of new financial products.
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Appendix

A EU KLEMS database

All data are available from www.euklems.net. We use the 2008 release. The overall sample covers
22 countries: Australia (1970-2005), Austria (1970-2005), Belgium (1970-2005), Canada (1970
2004), Czech Republic (1995-2005), Denmark (1970-2005), Spain (1970-2005), Finland (1970—
2005), France (1970-2005), Germany (1970-2005), Hungary (1991-2005), Ireland (1970-2005),
Italy (1970-2005), Japan (1970-2005), Korea (1970-2005), Luxembourg (1970-2005), Netherlands
(1970-2005), Portugal (1970-2005), Slovenia (1995-2005), Sweden (1970-2005), United Kingdom
(1970-2005), United States (1970-2005). For the United States we use NAICS based data (1977—
2005) and complete it with SIC based data (1970-2005) when NAICS based data are missing.
Differences in series that we use between NAICS and SIC based methodology are not significant.
Not all series are available for all countries and years.

B Derivation of benchmark wage

The finance relative wage can be written as

L4 hying (Li"’t - 1)

wy . ﬁfin,t o W fin,t (1 - hfin,t) + sfin,thfin,t Wit Wiin,t
n,t — — = = . ,
ngppe Wnispt (L= Pnsspe) + susppehnspoe Onifne 14 gy, S0zt — 1)
’ nffp,

where h is the employment share of skilled labor, w and s are unskilled and skilled wages. If
Wiint = Wnffpt and Spint = Sprfpe, then we get the expression for the benchmark wage in the
text,
A o 1+ hfin,tﬂ-nffp,t
in,t — )
T8 T4 B gt o

where T fppt = Snffpt/Wnppt — 1-

C Quantity indices for non-farm, non-finance private sector (NFFP)

Capital quantity indices for the non-farm, non-finance private sector (NFFP) are given by

Qagg.t * Vagg,1995 = D_ic{ farm, fin,publicy @it * Vi, 1995

Qnffpt =

)

Vagg,1995 — Zie{farm,fin,public} Vi,1995

where Q; ; is the quantity index for sector 7, v; 1995 is the nominal value of the capital stock in 1995.
This preserves the properties of the quantity indices since each quantity index is conceptually given
by
Qi,t — 100 - qi,t —100- qi,tPi,1995 — 100 - qi,tPi, 1995
4i,1995 4:,1995D:,1995 V,1995

where ¢ and p are real quantity and price, respectively. In particular, Qs tp 1995 = 100.
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D Derivation of complementarity equation

Suppose that capital is quasi-fixed and that there are two variable inputs: skilled and unskilled
labor, h and [, respectively (this naturally extends to k variable inputs). So variable costs are given
by ¢ =wp -h+w;-1l. If h and [ are the argmin of costs, then c is the cost function. The logarithm
of ¢ can be approximated by a translog cost function:

In(c) = apIn (wp) + oy In (w;) + ag In (k) + ayIn (y) +
+ % Brp I (wy)? + By In (wp) In (wy) + By In (wy) In (wp) + By In (w)® + By In (k) + By, In (y)°
+ Ypie I (wp) In (k) + v, In (wp) In (y) + vy In (wy) In (k) + 5, In (wy) In (y) + v, In (k) In (y) ,

where k is capital and y is output. Symmetry implies 3;; = 5;,-
By Shephard’s lemma, dc/0wy, = h, so that the cost share of skilled labor is

wph _ Oln(c)  Jc wp

S c  Oln(wy) Ow, c

Using this in the translog we get

S = ap + /th In (wh) + /Bhl In (’LU[) + Yhk In (]{3) + fyhy In (y) .

By linear homogeneity of cost with respect to prices, cost shares are homogenous of degree zero.
Therefore (3, + 8, = 0. By linear homogeneity of the production function we have vy, + v, =0
(increasing all inputs by same factor increases output by same factor, but this should not affect the
cost share). Using these two properties gives

Szoz—i-ﬁln(wh) —i—’)/ln(k) ,
wy Y

where v = v,;. If the production function is not linearly homogenous, this becomes

S=a+Bln <w"> +yln (k) +oln(y) ,
wy Yy

where v = v, and 0 = Y1 + Vpy-

E Immigration data and sample

Data on immigration stocks in a sample of 15 countries in 2000 by country of origin and sector
of employment in the destination country were downloaded from the OECD StatExtracts web-
site: http://stats.oecd.org/Index.aspx?DatasetCode=MIG#. Sectors of immigrants’ employment
in Belgium and The Netherlands are not coded and therefore we cannot distinguish immigrants in
different sectors in these two countries, so they are not part of our data. The data does not include
Germany at all. Thus, the sample covers 15 countries: Australia, Austria, Canada, Denmark,
Spain, Finland, France, Hungary, Ireland, Italy, Luxemburg, Portugal, Sweden, United Kingdom,
United States.

There are potentially 210 bilateral observations (15 x 15 — 15 = 210). There are 17 missing
observations for skilled immigrants in finance, and another 17 missing observations for unskilled
immigrants in finance (skilled have tertiary education; unskilled are all the rest). These missing
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observations are zeros and since we cannot employ them in our estimation, they are dropped. This
gives us 193 bilateral observations of immigration stocks in working in finance, either skilled or
unskilled. The 17 missing observations on each type of worker only partially overlap. Therefore,
in specifications that use data on both we lose 10 additional observations because only 7 missing
observations are common. In appendix Table A5 we report the incidence of missing observations.

When we estimate migration gravity equations using TSLS, we lose 14 additional observations
because deregulation data for Luxemburg are missing; this gives us 179 observations in those
regressions (193 — 14 = 179).

Samples for immigration stocks employed in other sectors of the economy vary in similar ways.

34



References

ABIAD, A., E. DETRAGIACHE, AND T. TRESSEL (2008): “A New Database of Financial Reforms,”
International Monetary Fund Working Paper 08/266.

ABIAD, A., AxD A. MoDY (2005): “Financial Reform: What Shakes It? What Shapes It?,” The
American Economic Review, 95, 66-88.

AcemMocLu, D. (2002a): “Directed Technological Change,” The Review of Economic Studies, 69(4),
781-809.

(2002b): “Technical Change, Inequality and the Labor Market,” Journal of Economic
Literature, 40(1), 7-72.

Acemocru, D., P. AGHION, aAND G. VIOLANTE (2001): “Deunionization, Technical Change and
Inequality,” Carnegie-Rochester Conference Series of Public Policy, 55(1), 229-264.

AcemocLu, D., axp D. AUuTOR (2011): “Skills, tasks and technologies: Implications for employ-
ment and earnings,” in Hanbook of Labor Economics, ed. by O. Ashenfelter, and D. Card, vol. 4b.
North Holland.

ARcAND, J.-L., E. BERKES, aAnD U. PANI1ZZA (2012): “Too Much Finance?,” IMF Working Paper,
WP/12/161.

Autor, D., L. Karz, axp A. KRUEGER (1998): “Computing Inequality: Have Computers
Changed the Labor Market?,” The Quarterly Journal of Economics, 113(4), 1169-1214.

Autor, D. H., anp L. F. KA1z (1999): “Changes in the Wage Structure and Earnings Inequality,”
in Handbook of Labor Economics, ed. by J. B. Taylor, and M. Woodford, vol. 3A. Elsevier Science,
North Holland.

Autor, D. H., F. LEvy, anp R. J. MURNANE (2002): “Upstairs, Downstairs: Computers and
Skills on Two Floors of a Large Bank,” Industrial and Labor Relations Review, 55(3), 432-447.

(2003): “The Skill Content of Recent Technological Change: An Empirical Exploration,”
The Quarterly Journal of Economics, 118(4), 1279-1333.

BaAkwA, J., A. CoLE, axp B. T. HEmM (2012): “Jobs and Income Growth of Top Earners and the
Causes of Changing Income Inequality: Evidence from U.S. Tax Return Data,” working paper,
Williams College.

Baumor, W. J. (1990): “Entrepreneurship: Productive, Unproductive, and Destructive,” Journal
of Political Economy, 98, 893-921.

Beck, T., H. DEGRYSE, aAxND C. KNEER (2012): “Is more finance better? Disentangling interme-

diation and size effects of financial systems,” European Banking Center Discussion Paper No.
2012-016.

BELL, B., axp J. REENEN (2013): “Bankers and their Bonuses,” The Economic Journal, 124,
F1-F21.

BERMAN, E., J. BOUND, aAxD Z. GRILICHES (1994): “Changes in the Demand for Skilled Labor

Within U.S. Manufacturing: Evidence from the Annual Survey of Manufactures,” The Quarterly
Journal of Economics, 109(2), 367-397.

35



BeErMAN, E., J. BounDp, axp S. MACHIN (1998): “Implications of skill-biased technological
change: international evidence,” The Quarterly Journal of Economics, 113(4), 1245-1279.

BRESNAHAN, T., aAxpD M. TRAJTENBERG (1995): “General purpose technologies: Engines of
growth?.” Journal of Econometrics, 65, 83—108.

BRESNAHAN, T. F., E. BRYNJOLFSSON, anD L. M. HITT (2002): “Information Technology, Work-

place Organization and the Demand for Skilled Labor: Firm-Level Evidence,” Quarterly Journal
of Economics, 117(1), 339-376.

CaAHuC, P., anD E. CHALLE (2012): “Produce or Speculate? Asset Bubbles, Occupational Choice
and Efficiency,” International Economic Review, 53(4), 1105-1131.

CARD, D. (1992): “The Effects of Unions on the Distribution of Wages: Redistribution or Rela-
belling?,” NBER Working Paper No. 4195.

CARD, D., anp T. LEMIEUX (2001): “Can Falling Supply Explain the Rising Return to College
for Younger Men? A Cohort-Based Analysis.,” The Quarterly Journal of Economics, 116(2),
705-746.

CAroLl, E., anDp J. VAN REENEN (2001): “Skill-Biased Organizational Change? Evidence from
a Panel of British and French Establishments,” Quarterly Journal of Economics, 116(4), 1449—
1492.

CECCHETTI, S. G., AND E. KHARROUBI (2012): “Reassessing the Impact of Finance on Growth,”
Bank of International Settlements, conference draft.

(2013): “Why does financial sector growth crowd out real economic growth?,” Bank of
International Settlements, conference draft.

CELERIER, C., aND B. VALLEE (2013): “Are Bankers Worth Their Pay? Evidence from a Talent
Measure,” Working paper, University of Zurich, Institute fur Banking and Finance.

CHENG, I.-H., H. HoNgG, anxp J. A. SCHEINKMAN (2010): “Yesterday’s heroes: Compensation
and creative risk-taking,” NBER Working Paper No. 16176.

DRUKKER, D. M. (2003): “Testing for serial correlation in linear panel-data models,” Stata Journal,
3(2), 168-177.

GODECHOT, O. (2012): “Is Finance Responsible for the Rise in Wage Inequality in France?,”
Socio-Economic Review, 10, 447-470.

GoLpIN, C., anp L. F. KAtz (2008a): The Race Between Education and Technology. Belknap
Harvard University Press, Cambridge.

GoLDIN, C., anp L. F. KA1z (2008b): “Transitions: Career and Family Lifecycles of the Educa-
tional Elite,” The American Economic Review, AEA Papers and Proceedings, 98(2).

GUADALUPE, M. (2007): “Product Market Competition, Returns to Skill and Wage Inequality,”
Journal of Labor Economics, 25(3), 439-474.

KAPLAN, S. N., axp J. RAun (2010): “Wall Street and Main Street: What Contributes to the
Rise in the Highest Incomes?,” Review of Financial Studies, 23(3), 1004—1050.

Karz, L. F., anp K. M. MURPHY (1992): “Changes in Relative Wages, 1963-1987: Supply and
Demand Factors,” The Quarterly Journal of Economics, 107(1), 35-78.

36



KNEER, C. (2013a): “The Absorption of Talent into Finance: Evidence from US Banking Dereg-
ulation,” Working paper No. 391, Netherlands Central Bank, Research Department.

(2013b): “Finance as a Magnet for the Best and Brightest: Implications for the Real
FEconomy,” Working paper No. 392, Netherlands Central Bank, Research Department.

Kruserr, P., L. E. OHANIAN, J.-V. R10s-RULL, aAxD G. L. VIOLANTE (2000): “Capital-Skill
Complementarity and Inequality: A Macroeconomic Analysis,” Econometrica, 68(5), 1029-1053.

LANE, P. R., anxp G. M. MILESI-FERRETTI (2007): “The external wealth of nations mark II:

Revised and extended estimates of foreign assets and liabilities, 1970-2004,” Journal of interna-
tional Economics, 73(2), 223-250.

LEVINE, R. (2005): “Finance and Growth: Theory and Evidence,” in Handbook of Economic
Growth, ed. by P. Aghion, and S. N. Durlauf, vol. 1A, pp. 865-934. Elsevier, Amsterdam.

MACHIN, S., AND J. VAN REENEN (1998): “Technology and Changes in Skill Structure: Evidence
from Seven OECD Countries,” The Quarterly Journal of Economics, 113(4), 1215-1244.

MARTINSSON, G. (2013): “Financial Reform, Demand for Skilled Labor, and Growth,” Swedish
House of Finance Research Paper No. 13-04.

MICHALOPOULOS, S., L. LAEVEN, axD R. LEVINE (2009): “Financial Innovation and Endogenous
Growth,” working paper, Tufts University.

MORRISON, A. D., axp W. J. WILHELM (2004): “Partnership firms, reputation, and human
capital,” American Economic Review, 94(5), 1682-1692.

(2008): “The demise of investment banking partnerships: Theory and evidence,” The
Journal of Finance, 63(1), 311-350.

Murpay, K. M., A. SHLEIFER, AND R. W. VIsuNY (1991): “The Allocation of Talent: Implica-
tions for Growth,” The Quarterly Journal of Economics, 106, 503-530.

O’MAHONY, M., axp M. P. TIMMER (2009): “Output, Input and Productivity Measures at the
Industry Level: The EU KLEMS Database,” The Economic Journal, 119(538), F374-F403.

ORTEGA, F., anp G. PERI (2012): “Trade, Migration and Income,” NBER Working Paper No.
18193.

OYER, P. (2008): “The making of an investment banker: Stock market shocks, career choice, and
lifetime income,” The Journal of Finance, 63(6), 2601-2628.

PELTZMAN, S. (1976): “Toward a more general theory of regulation,” Journal of Law and Eco-
nomics, 19(2), 211-240.

PuiLippoN, T. (2007): “Financiers versus Engineers: Should the Financial Sector Be Taxed or
Subsidized?,” forthcoming in American Economic Journal: Macroeconomics.

(2012): “Has the U.S. Finance Industry Become Less Efficient? On the Theory and
Measurement of Financial Intermediation,” NBER Working Paper No. 18077.

PuiLippON, T., axp A. RESHEF (2007): “Skill Biased Financial Development: Education, Wages
and Occupations in the U.S. Financial Sector,” NBER Working Paper 13437.

37



(2012): “Human Capital in the U.S. Financial Sector: 1909-2006,” The Quarterly Journal
of Economics, 127(4), 155101609.

(2013): “An international look at the growth of modern finance,” The Journal of Economic
Perspectives, 27(2), 73-96.

PikeTTY, T. (2014): Capital in the Twenty-first Century. Harvard University Press.

RESHEF, A. (2011): “Is Technological Change Biased Towards the Unskilled in Services? An
Empirical Investigation,” Working Paper, University of Virginia.

ROINE, J., AND D. WALDENSTROM (2014): “Long run trends in the distribution of income and
wealth,” in Handbook of Income Distribution, ed. by A. B. Atkinson, and F. Bourguignon, vol. 2.
North-Holland, Amsterdam.

RousseAu, P. L., anp R. SyLrA (2003): “Financial Systems, Economic Growth, and Globaliza-
tion,” in Globalization in Historical Perspective, ed. by M. D. Bordo, A. M. Taylor, and J. G.
Williamson.

SCHULARICK, M., anp A. M. TAYLOR (2012): “Credit Booms Gone Bust: Monetary Policy,
Leverage Cycles, and Financial Crises, 1870-2008,” The American FEconomic Review, 102, 1029—
1061.

SHEA, J. (1997): “Instrument Relevance in Multivariate Linear Models: A Simple Measure,”
Review of Economics and Statistics, 79(2), 348-352.

STIGLER, G. (1971): “The Theory of Economic Regulation,” Bell Journal of Economics and Man-
agement Science, 2, 3-21.

WOOLDRIDGE, J. M. (2002): Econometric Analysis of Cross Section and Panel Data. The MIT
Press, second edition.

WURGLER, T. (2009): “Of Bubbles and Bankers: The Impact of Financial Booms on Labor
Markets,” mimeo University of Zurich.

YATES, J. (2000): “Business Use of Information and Technology during the Industrial Age,” in
A Nation Transformed by Information, ed. by A. D. Chandler Jr., and J. W. Cortada. Oxford
University Press.

38



Table 1: Finance Relative Wages and Relative Skill Intensity

A. Finance Relative Wage

Levels Changes
1975 1985 1995 2005 1975-1985 1985-1995 1995-2005 Total
Australia 1.34 0.61 1.69 1.97 -0.73 1.08 0.28 0.63
Austria 1.74 1.65 1.69 1.63 -0.09 0.04 -0.06 -0.11
Belgium 1.62 1.75 1.66 1.59 0.12 -0.08 -0.08 -0.04
Canada* 1.21 1.28 1.35 1.59 0.07 0.07 0.24 0.38
Czech Republic 1.78 2.10 0.32 0.32
Denmark 1.29 1.29 1.45 1.55 0.00 0.16 0.10 0.26
Finland 1.12 1.20 1.36 1.33 0.09 0.16 -0.03 0.22
France 1.49 131 1.48 1.62 -0.17 0.17 0.14 0.13
Germany 1.41 1.38 1.45 157 -0.03 0.07 0.12 0.16
Hungary 1.51 1.89 0.38 0.38
Ireland 1.86 153 1.64 151 -0.33 0.10 -0.12 -0.35
Italy 3.15 2.02 211 1.96 -1.14 0.09 -0.15 -1.19
Japan 1.53 1.66 1.73 1.66 0.13 0.07 -0.07 0.13
Korea 248 1.79 1.63 1.34 -0.69 -0.16 -0.29 -1.14
Luxemburg 1.23 1.90 1.99 2.39 0.67 0.09 0.40 1.16
Netherlands 1.28 1.48 1.60 1.79 0.20 0.12 0.19 0.51
Portugal 2.80 231 2.68 2.73 -0.49 0.37 0.05 -0.07
Slovenia 1.65 1.44 -0.21 -0.21
Spain 1.58 1.84 1.90 2.21 0.25 0.07 0.30 0.62
Sweden 1.50 1.29 1.39 1.52 -0.21 0.10 0.13 0.02
United Kingdom 1.39 1.76 1.30 1.55 0.37 -0.46 0.25 0.16
United States 1.13 1.24 1.55 1.90 0.11 0.32 0.35 0.78
Average 1.638 1.541 1.663 1.765 -0.097 0.125 0.102 0.126
B. Finance Relative Skilled Wage
Levels Changes
1975 1985 1995 2005 1975-1985 1985-1995 1995-2005 Total
Australia 0.61 1.59 1.83 0.98 0.23 1.21
Austria 1.60 1.63 1.59 0.03 -0.04 0.00
Belgium 1.69 1.48 1.45 -0.21 -0.03 -0.24
Canada* 0.95 1.06 1.24 1.48 0.11 0.18 0.23 0.53
Czech Republic 1.66 1.85 0.19 0.19
Denmark 1.25 1.41 1.39 0.16 -0.02 0.13
Finland 0.92 0.98 1.21 1.18 0.06 0.22 -0.03 0.26
France 1.04 1.25 1.33 0.21 0.08 0.29
Germany 1.06 1.15 0.10 0.10
Hungary 1.41 1.49 0.08 0.08
Ireland 147 1.28 -0.19 -0.19
Italy 3.68 2.39 2.09 1.53 -1.29 -0.30 -0.56 -2.15
Japan 1.27 1.40 1.44 1.41 0.13 0.04 -0.03 0.15
Korea 1.83 1.60 1.60 157 -0.23 0.00 -0.03 -0.26
Luxemburg 1.81 2.11 0.30 0.30
Netherlands 153 1.47 1.56 -0.06 0.09 0.03
Portugal 1.19 1.18 -0.01 -0.01
Slovenia 1.40 1.10 -0.30 -0.30
Spain 1.22 1.22 141 -0.01 0.20 0.19
Sweden 1.29 1.41 1.64 0.12 0.23 0.35
United Kingdom 1.05 1.49 1.26 1.65 0.44 -0.22 0.39 0.60
United States 1.21 1.41 1.74 0.20 0.34 0.53
Average 1.616 1.358 1.441 1.496 -0.129 0.089 0.056 0.081
C. Finance Relative Skill Intensity
Levels Changes
1975 1985 1995 2005 1975-1985 1985-1995 1995-2005 Total
Australia 0.061 0.113 0.136 0.052 0.023 0.075
Austria -0.019 -0.009 0.026 0.010 0.035 0.045
Belgium 0.045 0.096 0.131 0.051 0.035 0.086
Canada* 0.015 0.036 0.083 0.123 0.021 0.048 0.040 0.108
Czech Republic 0.128 0.162 0.034 0.034
Denmark -0.006 0.006 0.041 0.012 0.035 0.047
Finland 0.122 0.174 0.204 0.240 0.052 0.030 0.036 0.118
France 0.021 0.045 0.101 0.025 0.056 0.081
Germany 0.012 0.017 0.005 0.005
Hungary 0.124 0.182 0.058 0.058
Ireland 0.142 0.226 0.084 0.084
Italy 0.062 0.065 0.066 0.024 0.003 0.001 -0.042 -0.038
Japan 0.100 0.142 0.218 0.303 0.042 0.076 0.084 0.203
Korea 0.089 0.066 0.031 -0.046 -0.022 -0.035 -0.077 -0.134
Luxemburg 0.131 0.141 0.011 0.011
Netherlands -0.009 0.018 0.093 0.027 0.075 0.102
Portugal 0.120 0.231 0.111 0.111
Slovenia 0.118 0.155 0.036 0.036
Spain 0.040 0.144 0.293 0.104 0.149 0.253
Sweden 0.086 0.110 0.135 0.025 0.025 0.050
United Kingdom 0.019 0.062 0.056 0.085 0.043 -0.006 0.029 0.066
United States 0.093 0.128 0.129 0.036 0.001 0.036
Average 0.068 0.057 0.095 0.133 0.023 0.030 0.038 0.065

Notes: The table reports wages and skill intensity in finance relative to the nonfarm, non-finance private sector (NFFP) in different
years and the changes between those years. The total change is the sum of changes in the preceding three columns. Skilled workers
are consistently defined across countries as those who hold a university-equivalent bachelors degree or more. * Data for Canada in
2005 is missing and is replaced in this table by data for Canada in 2004. Data: EU KLEMS.



Table 2: Decomposition of Changes in Finance Relative Wage

Change in finance Within Between
Country Sample relative wage share share
Australia 1982 - 2005 1.30 0.87 0.13
United States 1970 - 2005 0.78 0.65 0.35
Spain 1980 - 2005 0.52 0.76 0.24
Netherlands 1979 - 2005 0.45 0.52 0.48
Canada 1970 - 2004 0.43 0.64 0.36
Luxemburg 1992 - 2005 0.42 0.76 0.24
Finland 1970 - 2005 0.40 0.50 0.50
Hungary 1995 - 2005 0.38 0.56 0.44
Denmark 1980 - 2005 0.36 0.78 0.22
France 1980 - 2005 0.32 0.57 0.43
Czech Republic 1995 - 2005 0.32 0.59 0.41
Sweden 1981 - 2005 0.30 0.61 0.39
Portugal 1992 - 2005 0.29 0.67 0.33
Japan 1973 - 2005 0.26 0.10 0.90
Ireland 1988 - 2005 0.26 0.04 0.96
Germany 1991 - 2005 0.12 0.81 0.19
United Kingdom 1970 - 2005 -0.02 16.39 -15.39
Austria 1980 - 2005 -0.04 4.70 -3.70
Belgium 1980 - 2005 -0.11 2.42 -1.42
Slovenia 1995 - 2005 -0.21 1.49 -0.49
Korea 1970 - 2005 -0.52 1.18 -0.18
Italy 1970 - 2005 -1.20 1.03 -0.03

Notes: Countries are sorted by the change in finance relative wage. The
decomposition for each country is based on equation (2) in the text. The within
share captures the contribution of wage changes within skill groups (high skilled,
low skilled); the between share captures the contribution of changes of skill
composition. Data: EU KLEMS.



Table 3: Decomposition of Changes in Skilled Relative Wage

Change in skilled Within Between Finance
Country Sample relative wage share share share
United States 1980 - 2005 0.58 0.98 0.02 0.22
Luxemburg 1992 - 2005 0.55 0.87 0.13 0.65
Portugal 1992 - 2005 0.33 0.98 0.02 0.19
Canada 1980 - 2004 0.33 0.98 0.02 0.30
Hungary 1995 - 2005 0.32 1.03 -0.03 0.01
Ireland 1988 - 2005 0.28 0.91 0.09 0.56
Germany 1991 - 2005 0.26 1.00 0.00 0.10
Italy 1980 - 2005 0.20 1.19 -0.19 -0.61
Czech Republic 1995 - 2005 0.08 1.05 -0.05 0.16
Australia 1982 - 2005 0.08 1.05 -0.05 1.57
Japan 1980 - 2005 -0.04 0.80 0.20 0.73
Sweden 1981 - 2005 -0.08 1.02 -0.02 -0.33
Spain 1980 - 2005 -0.10 1.05 -0.05 -0.48
Slovenia 1995 - 2005 -0.12 1.04 -0.04 0.11
Belgium 1980 - 2005 -0.14 1.03 -0.03 0.10
Finland 1980 - 2005 -0.15 0.98 0.02 0.23
Austria 1980 - 2005 -0.19 1.15 -0.15 -0.22
United Kingdom 1980 - 2005 -0.23 1.00 0.00 -0.08
Denmark 1980 - 2005 -0.32 1.03 -0.03 -0.13
Netherlands 1980 - 2005 -0.44 1.07 -0.07 -0.19
France 1980 - 2005 -0.55 1.01 -0.01 -0.03
Korea 1980 - 2005 -0.74 1.01 -0.01 0.07

Notes: Countries are sorted by the change in skilled relative wage, which is defined as the
wage of university-educated workers divided by the wage other workers, both in the nonfarm
private sector (including finance). The decomposition for each country is based on equation
(XXXX) in the text. The within share captures the contribution of wage changes within skill
groups (high skilled, low skilled); the between share captures the contribution of changes of
skill composition; the finance share captures the overall contribution of finance, whether
from within-finance changes or changes in the allocation of skilled workers to finance. Data:
EU KLEMS.



Table 4: Finance Relative ICT Capital Share

Finance Relative ICT Share Changes

1975 1985 1995 2005 1975-1985 1985-1995 1995-2005 Total
Australia 0.008 0.019 0.061 0.391 0.012 0.042 0.330 0.383
Austria 0.016 0.048 0.178 0.032 0.130 0.162
Belgium
Canada* -0.054 -0.015 0.012 -0.043 0.039 0.027 -0.055 0.011
Czech Republic 0.168 0.293 0.125 0.125
Denmark 0.006 0.041 0.125 0.592 0.035 0.085 0.466 0.586
Finland 0.075 0.146 0.350 0.836 0.071 0.204 0.486 0.761
France
Germany 0.077 0.194 0.117 0.117
Hungary
Ireland
Italy -0.005 0.004 0.014 0.137 0.009 0.010 0.122 0.141
Japan 0.046 0.047 0.122 0.306 0.001 0.075 0.184 0.260
Korea 0.085 0.153 0.186 0.069 0.033 0.102
Luxemburg
Netherlands 0.008 0.019 0.066 0.300 0.011 0.047 0.234 0.292
Portugal 0.112 0.101 -0.010 -0.010
Slovenia -0.027 0.284 0.311 0.311
Spain
Sweden 0.163 0.276 0.113 0.113
United Kingdom 0.035 0.015 0.129 0.303 -0.020 0.114 0.174 0.268
United States 0.014 0.054 0.146 0.355 0.040 0.092 0.209 0.341
Average 0.015 0.039 0.107 0.293 0.022 0.072 0.186 0.248

Notes: The table reports ICT (Information and Communication Technology) shares in real capital stock in finance minus the ICT share
in the nonfarm, non-finance private sector (NFFP) in different years and the changes between those years. The Total change is the
sum of changes in the preceding three columns. * Data for Canada in 2005 is missing and is replaced in this table by data for Canada
in 2004. Data: EU KLEMS.



Table 5: Financial Regulation

A. Indicators
Entry Barriers, Activity International Capital
Directed Credit Interest Rate Controls Restrictions Banking Supervision Privatization Flows
1973* 1995 1973* 1995 1973* 1995 1973* 1995 1973* 1995 1973* 1995
Australia 0 3 0 3 0 2 0 3 0 3 0 3
Austria 1 1 0 3 0 3 0 1 0 2 1 3
Belgium 2 3 1 3 1 3 1 2 2 2 0 3
Canada 2 3 3 3 0 3 0 3 3 3 2 3
Czech Republic* 1 1 0 3 3 2 0 1 0 2 0 0
Denmark 2 2 0 3 1 3 0 3 2 3 1 3
Finland 2 3 1 3 2 3 0 1 1 1 0 3
France 0 3 1 3 1 3 0 3 1 2 1 3
Germany 3 3 3 3 1 3 1 3 1 1 2 3
Hungary* 1 1 3 3 2 2 0 1 0 0 0 2
Ireland 1 3 1 3 3 3 0 3 3 3 1 3
Italy 0 2 1 3 0 3 0 2 0 1 1 3
Japan 1 2 0 3 0 3 0 1 2 2 2 3
Korea 0 3 0 3 0 2 0 1 1 0 1 2
Luxemburg**
Netherlands 3 3 3 3 0 2 3 3 0 3
Portugal 0 0 0 3 0 2 1 1 1 3
Slovenia**
Spain 1 3 1 3 1 3 1 3 2 2 1 3
Sweden 0 3 0 3 1 3 0 2 3 3 1 3
United Kingdom 2 3 2 3 1 3 0 2 2 3 1 3
United States 2 3 0 3 1 1 1 3 3 3 3 3

B. Changes in Indicators

Directed Credit
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Notes: The table reports financial regulation indicators and changes. Higher values indicate less restrictions or financial liberalization, except for Banking
Supervision. For Banking Supervision higher values indicate adopting a capital adequacy ratio based on the Basle standard; banking supervisory agency
independence; and whether the banking supervisory agency covers all financial institutions without exception. * Data for the Czech Republic and Hungary start in
1990. ** Data for Luxemburg and Slovenia are not available. Source: Abiad, Detragiache and Tressel (2008) and authors' calculations.



Table 6: ICT and complementarity with high skilled workers

Dependent variable: Wage bill share of skilled workers

Finance Aggregate NFFP Finance Aggregate NFFP
In(wH/wL) 0.254%** -0.0266 -0.0116 0.229%** 0.0543*** 0.0355**
(0.0314) (0.0237) (0.0241) (0.0252) (0.0133) (0.0158)
In(ICT/Q) 0.0562*** 0.0472%*** 0.0465*** 0.0409*** 0.0227*** 0.0273***
(0.00234) (0.00129) (0.00263) (0.00291) (0.00212) (0.00331)
In(NonICT/Q) -0.0946%** 0.00367 -0.0475%** -0.0671%** 0.0636*** 0.0686***
(0.00901) (0.0224) (0.00656) (0.00628) (0.0171) (0.0137)
In(Q) 0.0751*** 0.120%** 0.0898***
(0.00923) (0.00919) (0.0104)
Observations 456 456 353 456 456 353
Number of countries 22 22 16 22 22 16

Test of equality of In(ICT/Q) coefficient with finance

Chi-squared 11.45 7.61 25.59 9.55
p-value 0.001 0.006 0.000 0.002

Notes: All regressions are estimated with two stage least squares, and include country fixed effects. Here wH and wL
are wages of skilled and all other workers, respectively; ICT and NonlICT are quantity indices for ICT and non-ICT capital,
respectively; and Q is the output quantity index. See text for details on the construction of quantity indices for the NFFP
sector. The sample for NFFP reduces due to data limitations. Data: EU KLEMS. Test statistics are obtaied by pooling data
series for aggregate or NFFP with finance. Robust standard errors in parentheses. *** p<0.01.



Table 7: Descriptive Statistics for Level and Predictive Regressions

A. For level regressions

Mean Std. Dev. Min Max
Finance relative wage (t) 1.51 0.35 0.61 3.01
Finance skilled relative wage (t) 1.44 0.42 0.61 3.62
Finance relative skill intensity (t) 0.07 0.06 -0.03 0.23
Finance excess wage (t) 0.52 0.34 -0.43 2.01
Finance relative ICT intensity (t-3) 0.06 0.07 -0.05 0.48
Domestic bank credit (t-3) 1.00 0.55 0.36 2.92
Financial globalization (t-3) 0.09 0.68 -1.55 1.73
B. For predictive regressions

Mean Std. Dev. Min Max
Change in finance relative wage (t,t+3) 0.02 0.15 -0.58 0.75
Change in finance skilled relative wage (t,t+3) 0.02 0.16 -0.76 0.70
Change in finance relative skill intensity (t,t+3) 0.01 0.01 -0.05 0.05
Change in finance excess wage (t,t+3) 0.01 0.15 -0.58 0.74
Change in finance relative ICT intensity (t-3,t) 0.02 0.03 -0.06 0.18
Change in domestic bank credit (t-3,t) 0.07 0.14 -0.61 0.89
Change in financial globalization (t-3,t) 0.18 0.20 -0.61 0.93

Notes: Statistics are computed for 241 observations. The range for t is 1976-1998. This is due to our choice
to use financial regulation variables in 1973-1995. Wage, skill and ICT variables are calculated based on EU
KLEMS data. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP.
Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007).
Statistics on the financial reform indices are reported in Table 4.



Table 8: Correlations for Level and Predictive Regressions

A. Correlations across variables in levels (t-3)

Entry Barriers,

Finance relative ~ Domestic bank Financial International Activity Banking Interest Rate
ICT intensity credit globalization Capital Flows Privatization Restrictions Supervision Directed Credit Controls
Finance relative ICT intensity 1
Domestic bank credit 0.05 1
Financial globalization 0.08 -0.07 1
International Capital Flows 0.10 0.45 0.44 1
Privatization 0.08 0.23 0.34 0.49 1
Entry Barriers, Activity Restrictions 0.46 0.06 0.65 0.36 0.41 1
Banking Supervision 0.11 0.18 0.42 0.56 0.44 0.42 1
Directed Credit 0.42 0.09 0.49 0.47 0.52 0.61 0.49 1
Interest Rate Controls 0.05 0.22 0.54 0.48 0.26 0.38 0.38 0.37 1

B. Correlations across variables in changes (t,t-3)

Entry Barriers,

Finance relative ~ Domestic bank Financial International Activity Banking Interest Rate
ICT intensity credit globalization Capital Flows Privatization Restrictions Supervision Directed Credit Controls
Finance relative ICT intensity 1
Domestic bank credit 0.06 1
Financial globalization 0.24 0.11 1
International Capital Flows -0.15 -0.02 0.02 1
Privatization 0.04 0.00 -0.09 -0.09 1
Entry Barriers, Activity Restrictions -0.08 0.08 0.05 0.12 -0.02 1
Banking Supervision -0.06 0.00 -0.08 0.03 0.04 0.11 1
Directed Credit -0.12 -0.01 0.09 0.05 -0.05 0.09 0.08 1
Interest Rate Controls -0.11 0.03 0.02 0.04 -0.01 -0.03 -0.06 0.10 1

Notes: Statistics are computed for 241 observations. The range for t is 1976-1998. This is due to our choice to use financial regulation variables in 1973-1995. Wage, skill and ICT variables are calculated based on
EU KLEMS data. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti
(2007). Statistics on the financial reform indices are reported in Table 4. Financial reform variables (International Capital Flows, Privatization, Entry Barriers, Activity Restrictions, Banking Supervision, Directed
Credit, Interest Rate Controls) are from Abiad, Detragiache and Tressel (2008) and are described in detail Table 4 and in the main text. Only correlation coefficients that are strictly greater than 0.11 are statistically
significant at the 5% level; in Panel B most correlation coefficients are not statistically significant at conventional levels.



Table 9: Finance Relative Wage and Relative Skill Intensity

Dependent Variable:

Finance relative share of ICT in capital stock, t-3

Domestic credit/GDP, t-3

Financial globalization, t-3

International capital restrictions, t-3

Privatization, t-3

Entry barriers, t-3

Banking supervision, t-3

Directed credit, t-3

Interest rate control, t-3

Sample

Observations

R-squared, within

Number of countries

(1) () (3) (4) (5) (6) 7 (8) 9) (10) (11) (12) (13) (14) (15) (16)
Finance relative wage Finance skilled relative wage Finance relative skill intensity Finance excess wage
0.984* 0.204 1.408** 0.990* 0.145%** 0.108** 1.130** 0.360
(0.532) (0.460) (0.627) (0.578) (0.0372) (0.0434) (0.525) (0.474)
-0.0559 0.0302 0.232%* 0.341%** 0.0118* 0.0190*** -0.0283 0.0586
(0.0852) (0.0678) (0.104) (0.0884) (0.00616) (0.00664) (0.0869) (0.0725)
0.462%** 0.251%** 0.255%** 0.0199 0.0481*** 0.0472%** 0.365%** 0.182%**
(0.0554) (0.0488) (0.0720) (0.0637) (0.00427) (0.00478) (0.0603) (0.0523)
0.134%** 0.174%** 0.132%** 0.105%** 0.154%** 0.147%** 0.0133***  0.00801** -0.000474 0.146%** 0.178*** 0.145%**
(0.0220) (0.0249) (0.0249) (0.0263) (0.0330) (0.0336) (0.00322)  (0.00315)  (0.00252) (0.0219) (0.0267) (0.0276)
-0.00777 -0.0587 -0.0478 -0.0146 -0.0483 -0.0638 -0.0156*** -0.0187*** -0.0167*** -0.0213 -0.0557 -0.0478
(0.0360) (0.0432) (0.0416) (0.0389) (0.0525) (0.0514) (0.00476)  (0.00501)  (0.00386) (0.0324) (0.0425) (0.0422)
-0.0286 -0.117**%  -0.145%** -0.0630**  -0.0815*  -0.143*** 0.00194 0.00649 -0.00105 -0.119%**  -0.126***  -0.153***
(0.0258) (0.0333) (0.0327) (0.0308) (0.0434) (0.0432) (0.00377)  (0.00414)  (0.00325) (0.0257) (0.0351) (0.0355)
0.142%** 0.196*** 0.169%** 0.133%** 0.171%** 0.201*** 0.0106*** 0.00999*** 0.00690** 0.156%** 0.185%** 0.171%**
(0.0249) (0.0298) (0.0298) (0.0272) (0.0372) (0.0377) (0.00332)  (0.00355)  (0.00284) (0.0226) (0.0301) (0.0310)
-0.0406* 0.00644 0.0360 0.0279 0.0314 0.0397 -0.00927***  -0.00546 0.000999 -0.0215 -0.00147 0.0234
(0.0212) (0.0282) (0.0272) (0.0236) (0.0369) (0.0362) (0.00289)  (0.00352)  (0.00272) (0.0197) (0.0298) (0.0297)
0.0614***  0.0902***  0.0506** 0.0388* 0.0637** 0.0226 0.00522*  0.00618**  -0.00187 0.0415*%*  0.0694*** 0.0400*
(0.0192) (0.0214) (0.0215) (0.0228) (0.0274) (0.0278) (0.00279)  (0.00261)  (0.00209) (0.0190) (0.0221) (0.0229)
Full Full 1n2 1n2 Full Full 5n6 5n6 Full Full 9n10 9n10 Full Full 13n14 13n14
265 404 241 241 238 324 226 226 238 324 226 226 238 324 226 226
0.335 0.283 0.480 0.549 0.220 0.233 0.310 0.390 0.730 0.474 0.533 0.744 0.279 0.366 0.434 0.484
13 20 13 13 13 20 13 13 13 20 13 13 13 20 13 13

Note: All regressions include country fixed effects and year fixed effects. The right hand side variables are lagged 3 periods. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU
KLEMS database. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 1998. Robust standard errors in

parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table 10: Finance Relative Wage and Relative Skill Intensity, Predictive Regressions

Dependent Variable:

Finance relative share of ICT in capital stock, t-3 to t

Domestic credit/GDP, t-3 to t

Financial globalization, t-3to t

International capital restrictions, t-3 to t

Privatization, t-3to t

Entry barriers, t-3to t

Banking supervision, t-3to t

Directed credit, t-3to t

Interest rate control, t-3to t

Sample

Observations

R-squared

Number of countries

(1) ()

3)

(4)

Change in finance relative wage, t to t+3

(5) (6)

7)

(8)

Change in finance skilled relative wage, t to t+3

(9)

(10)

(11) (12)

Change in finance relative skill intensity, t to t+3

(13)

(14)

(15)

(16)

Change in finance excess wage, t to t+3

0.530
(0.543)
-0.0788
(0.0860)
0.340%**
(0.0495)
0.0810***
(0.0183)
0.0168
(0.0217)
-0.0215
(0.0186)
0.0437**
(0.0178)
-0.00359
(0.0181)
-0.0114
(0.0145)
Full Full
265 404
0.162 0.070
13 20

0.103***
(0.0227)
0.00911
(0.0278)
-0.0242
(0.0246)

0.0199
(0.0218)
0.00355
(0.0236)

0.0190
(0.0171)

in2
241
0.096
13

0.552
(0.484)
-0.0751
(0.0724)

0.137%**
(0.0508)
0.108***
(0.0230)
0.0134
(0.0277)
-0.0251
(0.0243)
0.0206
(0.0216)
-0.00433
(0.0239)
0.0172
(0.0170)

1n2
241
0.131
13

0.0769
(0.500)
-0.0849
(0.0789)
0.148%**
(0.0510)
0.0524***
(0.0193)
0.00495
(0.0224)
0.00855
(0.0195)
0.00105
(0.0187)
-0.0109
(0.0186)
-0.0221
(0.0154)
Full Full
238 324
0.040 0.032
13 20

0.0676***
(0.0244)
-0.0170
(0.0295)
0.00903
(0.0260)
0.00382
(0.0233)
-0.00328
(0.0248)
-0.0133
(0.0181)

5n6
226
0.042
13

0.240
(0.517)
-0.0919
(0.0772)
0.0962*
(0.0552)

0.0704***
(0.0250)
-0.0118
(0.0296)
0.00859
(0.0259)
0.00390
(0.0233)
-0.00867
(0.0253)
-0.0156
(0.0182)

5n6
226
0.061
13

0.0190
(0.0447)
-0.0134*

(0.00705)
0.0109**
(0.00456)

Full
238
0.038
13

0.00478**
(0.00233)
-0.00160
(0.00271)

-0.00422*
(0.00236)

0.00629***
(0.00226)
0.00148
(0.00224)
-8.82e-05
(0.00186)

Full
324
0.047
20

0.0337

(0.0483)

-0.0128*

(0.00722)

0.00956*

(0.00516)

0.000304  0.000760
(0.00230)  (0.00234)
-0.00458  -0.00403
(0.00277)  (0.00277)

-0.00583** -0.00584**
(0.00244)  (0.00243)
0.00338  0.00331
(0.00219)  (0.00218)
0.00251  0.00208
(0.00233)  (0.00237)
0.00153  0.00134
(0.00171)  (0.00171)

9n10 9n10
226 226
0.059 0.087
13 13

-0.0824

(0.465)

-0.104
(0.0734)
0.155%**
(0.0474)

Full
238
0.053
13

0.0716***
(0.0193)
0.000192
(0.0224)
-0.0250
(0.0195)
0.0109
(0.0187)
-0.0206
(0.0186)
-0.00802
(0.0154)

Full
324
0.051
20

0.0869***
(0.0227)
-0.0155
(0.0274)
-0.0257
(0.0242)
0.00238
(0.0216)
-0.0148
(0.0230)

0.0145
(0.0169)

13n14
226
0.078
13

0.150
(0.479)
-0.0863
(0.0715)
0.109**
(0.0511)

0.0884***
(0.0232)
-0.00946
(0.0275)
-0.0265
(0.0240)
0.00303
(0.0216)
-0.0219
(0.0234)
0.0115
(0.0169)

13n14
226
0.103
13

Note: All regressions include country fixed effects. The right hand side deregulation variables are the three-year changes (from t-3 to t) for each index. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance
is calculated from EU KLEMS database. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 2000. Robust
standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table 11: Finance Relative Wage and Relative Skill Intensity, Predictive Regressions, TSLS

Instrumented: Change in International capital restrictions, t-3 to t Change in Finance relative share of ICT in capital stock, t-3to t
Instrument: International capital restrictions, t-3 Relative Price of ICT in the Economy, t-3
(1) (2) (3) (4) (5) (6) (7 (8)
Dependent Variable: Changes from t to t+3 in Relative Wage Relatngsekilled Rellr?tt;\:]esitill Excess Wage Relative Wage Relat\i/\\;:gs:illed Rel:'?ttei\:zii:i” Excess Wage
Change in finance relative share of ICT in capital stock, t-3 0.326 0.480 0.0197 0.398 0.788 -0.768 0.108 -0.755
(0.531) (0.557) (0.0518) (0.518) (0.810) (0.857) (0.0801) (0.669)
Change in domestic credit/GDP, t-3 to t -0.0607 -0.104 -0.0121* -0.0984 -0.0900* -0.0881 -0.0144** -0.0877*
(0.0744) (0.0786) (0.00731) (0.0730) (0.0466) (0.0536) (0.00650) (0.0465)
Change in financial globalization, t-3to t 0.138*** 0.0942* 0.00967* 0.107** 0.141* 0.0904 0.0105** 0.106
(0.0514) (0.0558) (0.00518) (0.0518) (0.0781) (0.0830) (0.00509) (0.0814)
Change in international capital restrictions, t-3to t 0.0556 0.122** -0.00229 0.142*** 0.111%** 0.0597** 0.00158 0.0789***
(0.0526) (0.0494) (0.00459) (0.0459) (0.0305) (0.0295) (0.00179) (0.0267)
Change in privatization, t-3 to t 0.0116 -0.00807 -0.00425 -0.00558 0.0123 -0.00784 -0.00432* -0.00586
(0.0281) (0.0301) (0.00280) (0.0280) (0.0210) (0.0202) (0.00251) (0.0185)
Change in entry barriers, t-3to t -0.0211 0.00489 -0.00562** -0.0304 -0.0243 0.00685 -0.00566*** -0.0279
(0.0249) (0.0264) (0.00245) (0.0245) (0.0186) (0.0231) (0.00183) (0.0201)
Change in banking supervision, t-3 to t 0.0232 0.00190 0.00343 0.000951 0.0183 0.00507 0.00302 0.00337
(0.0220) (0.0236) (0.00219) (0.0219) (0.0177) (0.0181) (0.00217) (0.0180)
Change in directed credit, t-3to t -0.00436 -0.00736 0.00200 -0.0206 -0.00464 -0.0151 0.00237 -0.0284
(0.0241) (0.0256) (0.00238) (0.0238) (0.0300) (0.0275) (0.00213) (0.0285)
Change in interest rate control, t-3to t 0.0180 -0.0162 0.00138 0.0109 0.0161 -0.0198 0.00142 0.00693
(0.0172) (0.0184) (0.00171) (0.0171) (0.0169) (0.0216) (0.00197) (0.0179)
Observations 241 226 226 226 237 223 223 223
R-squared 0.294 0.347 0.320 0.335 0.315 0.350 0.326 0.346
First stage partial F-stat 31.97 30.16 30.16 30.16 20.38 20.97 20.97 20.97

Note: All regressions include country fixed effects. The right hand side deregulation variables are the three-year changes (from t-3 to t) for each index. Deregulation data are from Abiad,
Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU KLEMS database. Domestic bank credit data are from Schularick and Taylor
(2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 2000. Robust standard errors in

parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table 12: Financial Reforms, Relative ICT Use in Finance and Financial Globalization

Dependent Variable:

International capital restrictions, t-3

Entry barriers, t-3

Interest rate controls, t-3

Privatization, t-3

Banking supervision, t-3

Directed credit, t-3

Observations

R-squared, within

Number of countries

Country fixed effects

Year fixed effects

Relative ICT Intensity in Finance

Financial Globalization

(1) (2) (3)
0.0494%** 0.0108** 0.0120%*
(0.00470) (0.00479) (0.00491)

0.00962
(0.00657)
0.00676
(0.00421)
-0.0119
(0.00852)
-0.0173%**
(0.00588)
0.000885
(0.00556)

241 241 241
0.327 0.662 0.686
13 13 13
Yes Yes Yes

No Yes Yes

(4)
0.512%%*
(0.0325)

241
0.522
13
Yes

No

(5)
0.195%**
(0.0320)

241
0.775
13
Yes

Yes

(6)
0.189%**
(0.0314)
0.0974%*
(0.0420)
0.126***
(0.0270)
-0.105*
(0.0545)
0.0720%
(0.0376)
-0.110%**
(0.0356)

241
0.809
13
Yes

Yes

Note: All regressions include country fixed effects; columns 2, 3, 5 and 6 include also year fixed effects. Deregulation data are from Abiad,
Detragiache and Tressel (2008). Relative ICT use in finance is calculated from EU KLEMS database. The sample is restricted to be the same as
the sample of the level regressions in Table 6. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table 13: Immigration to Finance

A. Skilled workers

Employed in finance by destination Employed in finance by source
Share in finance Share in total Share in total
Share in total skilled skilled Share in total skilled
Skill intensity finance skilled employment in immigration to Skill intensity finance skilled ~ immigration from
Number (share in total) (%) immigration (%)  destination (%) destination (%) Number (share in total) (%) immigration (%) source (%)
Australia 10458 38.1 8.22 10.97 0.33 6697 62.6 5.27 0.37
Austria 347 33.7 0.27 2.74 0.21 1744 51.3 1.37 0.09
Canada 19450 51.0 15.29 10.61 0.38 17580 59.0 13.82 1.07
Denmark 221 33.2 0.17 3.07 0.13 1710 54.9 1.34 0.09
Spain 2060 58.5 1.62 1.55 0.27 5195 24.2 4.08 0.26
Finland 132 49.6 0.10 0.57 0.19 1628 47.3 1.28 0.08
France 9429 11.9 7.41 6.59 0.62 12929 67.4 10.17 0.68
Hungaria 58 67.4 0.05 0.27 0.20 1790 51.4 141 0.09
Ireland 4145 62.3 3.26 19.03 0.44 8354 45.9 6.57 0.43
Italy 1343 35.8 1.06 1.69 0.26 12154 31.2 9.56 0.61
Luxemburg 2261 49.3 1.78 29.44 1.83 232 324 0.18 0.01
Portugal 568 47.0 0.45 2.55 0.22 5525 11.0 4.34 0.28
Sweden 775 329 0.61 3.04 0.14 2735 64.7 2.15 0.14
United Kingdom 24131 62.5 18.97 10.55 0.65 37454 49.0 29.45 2.14
United States 51804 56.2 40.73 1.98 0.47 11455 71.1 9.01 0.93
Total 127182 42.5 100 127182 42.5 100
Correl(Share in finance employment , share in total immigration flows) 0.84
B. All workers
Employed in finance by destination Employed in finance by source
Share in total Share in finance Share in total Share in total Share in total
finance employment in immigration to finance immigration from
Number immigration (%)  destination (%) destination (%) Number immigration (%) source (%)

Australia 27450 9.17 8.55 0.26 10692 3.57 0.23
Austria 1030 0.34 0.91 0.18 3399 1.13 0.06
Canada 38130 12.73 6.32 0.32 29785 9.94 0.65
Denmark 666 0.22 0.84 0.14 3112 1.04 0.06
Spain 3520 1.18 1.08 0.15 21483 7.17 0.41
Finland 266 0.09 0.65 0.10 3440 1.15 0.06
France 79074 26.40 11.33 0.81 19177 6.40 0.40
Hungaria 86 0.03 0.12 0.15 3481 1.16 0.06
Ireland 6649 2.22 10.07 0.32 18194 6.07 0.34
Italy 3752 1.25 0.72 0.18 38993 13.02 0.74
Luxemburg 4589 1.53 15.30 0.64 715 0.24 0.01
Portugal 1209 0.40 1.51 0.12 50271 16.78 0.94
Sweden 2355 0.79 2.51 0.12 4230 141 0.08
United Kingdom 38626 12.90 3.92 0.45 76431 25.52 1.58
United States 92107 30.75 1.54 0.38 16106 5.38 0.43
Total 299509 100 299509 100
Correl(Share in finance employment , share in total immigration flows) 0.79

Notes: Data are immigration stocks of workers that are employed in financial intermediation in the destination country, regardless of their past employment sector or employment status in the source
country. Panel A reports statistics for skilled workers, which are consistently defined as having a college or university Bachelors' degree. In this panel all statistics, except for the skill intensity, are relative to
skilled workers. Panel B reports statistics for all types of workers. The first set of columns in each panel report the distribution of immigrants in their destination countries (where they moved to), while the
latter set of columns report the distribution of those immigrants by source country (where they came from). Data source: OECD.



Table 14: Summary Statistics

Mean S.D. Min Median Max
A. Migration flows
Log(mH_fin) 4.15 2.32 0.0 4.09 9.62
(mH_fin/mH)*100 6.47 6.99 0.75 4.30 46.26
mH_fin/mL_fin 1.46 1.24 0.05 1.06 6.50
Log(mL_fin) 4.12 2.32 0.0 4.01 10.53
mL_fin/mL 5.05 7.26 0.26 2.58 43.33
B. Wages
Log(wH_fin) 4.39 0.23 3.97 4.41 4.84
Log(wH_nonfin) 4.06 0.19 3.53 4.10 4.32
wH_fin/wL_fin 1.62 0.35 1.07 1.62 2.55
wH_nonfin/wL_nonfin 1.88 0.53 1.29 1.84 3.66
Log(wL_fin) 3.95 0.29 3.03 3.97 4.36
Log(wL_nonfin) 3.47 0.25 2.59 3.54 3.71
C. Gravity controls
Contiguous countries 0.09 0.29 0.0 0.0 1.0
Common language 0.16 0.36 0.0 0.0 1.0
Log(distance) 7.84 1.11 5.37 7.53 9.8

Notes: 193 observations. m denotes imgration stocks in 2000, n denotes employment in 2000,
and w denotes wages in 1999. H denotes high-skill and L denotes low-skill workers, where high-
skill is consistently defined as four-year college or university degree. "fin" denotes employment in
finance and "nonfin" denotes employment outside of finance and agriculture.



Table 15: Immigration Stocks Employed in Finance and Wages in Finance

A. Skilled immigration

(1) (2)

(3) (4)

(5) (6)

Dependent variable: log(mH_fin) (mH_fin/mH)*100 mH_fin/mL_fin
Log(wH_{fin) 3.783%** 2.335%** 16.52*** 13.91%**
(0.570) (0.789) (3.005) (3.023)
Log(wH_nonfin) 2.735%** 4.912%*
(0.789) (1.912)
wH_fin/wL_fin 0.968%** 0.983%**
(0.298) (0.302)
wH_nonfin/wL_nonfin 0.487***
(0.141)
Observations 193 193 193 193 183 183
R-squared 0.511 0.540 0.359 0.369 0.232 0.272
B. Unskilled immigration
Dependent variable: log(mL_fin) (mL_fin/mL)*100
Log(wL_fin) 2.562%** 0.374 6.442%** 3.411
(0.398) (0.592) (2.247) (2.322)
Log(wL_nonfin) 3.712%** 5.141%*
(0.702) (2.032)
Observations 193 193 193 193
R-squared 0.444 0.518 0.149 0.163

Notes: m denotes imgration stocks in 2000, and w denotes wages in 1999. H denotes high-skill and L denotes low-skill workers,
where high-skill is consistently defined as four-year college or university degree. "fin" denotes employment in finance and
"nonfin" denotes emploiyment outside of finance and agriculture. All regressions include source country fixed effects and the
following gravity variables: contiguity indicator, commonlanguage indicator, and log distance between capital cities. Although
regressions in both panels have the same number of observations, the sample varies slightly due to data availability. Robust
standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. Data sources: migration data from OECD and wage data from
EU KLEMS. Distance between capital cities, common language and contiguity indicators are from the CEPIl dataset.



Table 16: Immigration Stocks and Wages in Other Sectors -- Skilled Immigrants

(1) ()

A. Skilled immigration in Health Services

3) (4) (5)

(6)

Dependent variable: log(mH_health)

(mH_health/mH)*100

mH_health/mL_health

Log(wH_health) 2.050%** 1.862%** -2.405 -6.377%%*
(0.511) (0.704) (1.893) (2.130)
Log(wH_nonhealth) 0.327 6.912*
(1.198) (3.748)
wH_health/wL_health 0.817*** 0.778***
(0.209) (0.197)
wH_nonhealth/wL_nonhealth 0.0462
(0.282)
Observations 203 203 203 203 195 195
R-squared 0.430 0.430 0.187 0.202 0.304 0.304

B. Skilled immigration in Manufacturing

Dependent variable: log(mH_manuf)

(mH_manuf/mH)*100

mH_manuf/mL_manuf

Log(wH_manuf) 2.221%%* 3.240%** -9.230%** -5.274%**
(0.542) (0.718) (1.835) (2.023)
Log(wH_nonmanuf) -1.597* -6.205%*
(0.823) (2.719)
wH_manuf/wL_manuf 0.172* 0.294
(0.103) (0.364)
wH_nonmanuf/wL_nonmanuf -0.131
(0.337)
Observations 188 188 188 188 187 187
R-squared 0.457 0.469 0.248 0.271 0.269 0.270

C. Skilled immigration in Real Estate and Business Services

Dependent variable: log(mH_rebus)

(mH_rebus/mH)*100

mH_rebus/mL_rebus

Log(wH_rebus) 0.647 0.463 -2.430 -0.987
(0.492) (0.481) (2.810) (2.655)
Log(wH_nonrebus) 1.411%** -11.09%**
(0.526) (2.228)
wH_rebus/wL_rebus 0.339* 0.274
(0.174) (0.323)
wH_nonrebus/wL_nonrebus 0.0707
(0.291)
Observations 191 191 191 191 189 189
R-squared 0.420 0.447 0.148 0.261 0.176 0.176

Notes: m denotes imgration stocks in 2000, and w denotes wages in 1999. H denotes high-skill and L denotes low-skill workers, where
high-skill is consistently defined as four-year college or university degree. "health" denotes employment in health and social works and
"nonhealth" denotes employment outside of health and social works and agriculture. "manuf" denotes employment in manufacturing
and "nonmanuf" denotes employment outside of manufacturing and agriculture. "rebus" denotes employment in real estate, renting
and business activities and "nonrebus" denotes employment outside of real estate, renting and business activities and agriculture. All
regressions include source country fixed effects and the following gravity variables: contiguity indicator, commonlanguage indicator, and
log distance between capital cities. Samples vary slightly due to data availability. Robust standard errors in parentheses. *** p<0.01, **
p<0.05, * p<0.1. Data sources: migration data from OECD and wage data from EU KLEMS. Distance between capital cities, common
language and contiguity indicators are from the CEPII dataset.



Figure 1: Finance Relative Wage
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Notes: Finance relative wage is the average wage in finance relative to the averagre wage in the the non-farm, non-finance private sector. Average
wages are computed by dividing employee compensation by hours worked. Data: EU KLEMS. Series are three-year moving averages. Panels A and
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B groups countries that exhibit an increasing trend. Panel C groups countries that exhibit decreasing trend and Panel D groups countries that

exhibit mixed trends.




Figure 2: Finance Excess Wage
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Notes: Finance ecess wage is the finance relative wage minus the benchmark wage. The benchmark assumes equal skilled and unskilled wages in
finance and in the non-farm, non-finance private sector (NFFP), and allows for skill differences in finance versus NFFP. Data: EU KLEMS. Series are
three-year moving averages. Panels A and B groups countries that exhibit an increasing trend in the finance relative wage. Panel C groups
countries that exhibit decreasing finance relative wage and Panel D groups countries that exhibit mixed trends in finance relative wages.



Figure 3: Finance Relative Skilled Wage
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Notes: Finance relative skilled wage is the average wage of skilled workers in finance relative to the averagre wage of skilled workers in the rest of
the non-farm, non-finance private sector. Average wages are computed by dividing employee compensation by hours worked. Data: EU KLEMS.
The definition of skilled workers in the EU KLEMS is consistent across countries, and implies a university-equivalent bachelors degree. Series are
three-year moving averages. Panels A and B groups countries that exhibit an increasing trend. Panel C groups countries that exhibit decreasing
trend and Panel D groups countries that exhibit mixed trends.



Figure 4: Finance Relative Skill Intensity
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Notes: Finance relative skill intensity is the share of college-educated workers in finance relative to the
share of college-educated workers in the rest of the non-farm, non-finance private sector. These
shares are computed using hours worked. Data: EU KLEMS. The definition of skilled workers in the EU
KLEMS is consistent across countries, and implies a university-equivalent bachelors degree. Series are
three-year moving averages. Panel A groups countries that exhibit an increasing trend. Panel B groups
countries that exhibit mixed trends.
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Table Al: Finance Relative Wage and Relative Skill Intensity, Nonlinear Effects of Financial Reform

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15) (16)
Dependent Variable: Finance relative wage Finance skilled relative wage Finance relative skill intensity Finance excess wage
(5) (6) (7) (8)
Finance relative share of IT in capital stock, t-3 0.984* 0.0237 1.408** 0.166 0.145%** 0.0681 1.130%* 0.00878
(0.532) (0.507) (0.627) (0.635) (0.0372) (0.0467) (0.525) (0.524)
Domestic credit/GDP, t-3 -0.0559 -0.0510 0.232** 0.194** 0.0118* 0.0144** -0.0283 -0.0175
(0.0852) (0.0661) (0.104) (0.0861) (0.00616) (0.00633) (0.0869) (0.0709)
Financial globalization, t-3 0.462*** 0.255%** 0.255%** 0.0467 0.0481*** 0.0468*** 0.365%** 0.188***
(0.0554) (0.0451) (0.0720) (0.0592) (0.00427) (0.00435) (0.0603) (0.0488)
International capital restrictions == 1, t-3 0.223%*%%  0.334%**  0.283%** 0.271%*%%  0.333*%**  (.333%** 0.0149**  0.0215***  0.0114** 0.320%%*  (0.374%**  (337***
(0.0405) (0.0481) (0.0472) (0.0569) (0.0686) (0.0725) (0.00704)  (0.00686)  (0.00533) (0.0480) (0.0578) (0.0597)
International capital restrictions == 2, t-3 0.328***  0.460***  0.368*** 0.334*%*%*%  0.461***  0.446*** 0.0240***  0.0238***  0.00491 0.414%*%*%  0.500%**  (0.429%***
(0.0458) (0.0505) (0.0505) (0.0604) (0.0701) (0.0752) (0.00748)  (0.00700)  (0.00553) (0.0509) (0.0590) (0.0620)
Privatization == 1, t-3 0.0411 0.0176 0.0358 -0.0645 -0.181** -0.174** -0.000142 -0.000867  0.00455 0.0210 0.00148 0.0168
(0.0461) (0.0680) (0.0646) (0.0496) (0.0795) (0.0803) (0.00614)  (0.00794)  (0.00590) (0.0418) (0.0669) (0.0662)
Privatization == 2, t-3 -0.00660 0.0275 0.0498 0.0487 -0.0316 -0.0523 -0.0321***  -0.0215** -0.0186** 0.00979 0.0313 0.0461
(0.0715) (0.0846) (0.0814) (0.0733) (0.0988) (0.101) (0.00908)  (0.00987)  (0.00741) (0.0618) (0.0832) (0.0831)
Entry barriers == 1, t-3 -0.0118 0.000694 -0.0279 0.0119 0.0251 -0.0251 0.0120**  0.0214***  0.0107** -0.0350 -0.00480 -0.0342
(0.0352)  (0.0415)  (0.0417) (0.0447)  (0.0530)  (0.0564) (0.00554)  (0.00529)  (0.00415) (0.0377)  (0.0846)  (0.0465)
Entry barriers == 2, t-3 -0.0538 -0.201%**  -0.222%** -0.0718 -0.134 -0.219** 0.0132*  0.0219***  0.00872 S0.178%*%*%  _0.219%**  _(0.242%**
(0.0514) (0.0642) (0.0634) (0.0604) (0.0821) (0.0870) (0.00747)  (0.00820)  (0.00640) (0.0509) (0.0691) (0.0717)
Banking supervision == 1, t-3 0.119%**  0.157***  0.127*** 0.122%**  0.141***  0.156*** 0.00755*  0.00563 0.00320 0.140%**  0.160***  (0.138***
(0.0295) (0.0356) (0.0363) (0.0318) (0.0439) (0.0469) (0.00394)  (0.00438)  (0.00345) (0.0268) (0.0369) (0.0387)
Banking supervision == 2, t-3 0.378***  0.470***  0.396*** 0.298***  0.345%**  (0.364*** 0.0287***  0.0235*** 0.0165*** 0.372%%%  0.429%**  (.383%**
(0.0536) (0.0587) (0.0594) (0.0548) (0.0703) (0.0746) (0.00678)  (0.00703)  (0.00548) (0.0462) (0.0592) (0.0615)
Directed credit == 1, t-3 -0.0542 -0.195%**  -0.179%** -0.132%**  .0.283***  .0,234%** -0.0314*** -0.0307*** -0.0194*** -0.133%*%*%  _0.207***  -0.178***
(0.0345) (0.0484) (0.0475) (0.0398) (0.0589) (0.0605) (0.00492)  (0.00589)  (0.00444) (0.0335) (0.0496) (0.0498)
Directed credit == 2, t-3 -0.0881**  -0.134** -0.0782 0.0193 -0.115 -0.0776 -0.0275*** -0.0253*** -0.00978* -0.0836**  -0.145** -0.0911
(0.0415) (0.0577) (0.0553) (0.0451) (0.0719) (0.0728) (0.00558)  (0.00718)  (0.00535) (0.0380) (0.0605) (0.0600)
Interest rate control == 1, t-3 0.162***  0.125%**  0.106*** 0.116***  0.133*** 0.106** -0.00829 -0.00158 -0.00520 0.0875*%*  0.110*** 0.103**
(0.0331)  (0.0375)  (0.0363) (0.0425)  (0.0477)  (0.0492) (0.00526)  (0.00476)  (0.00362) (0.0359)  (0.0401)  (0.0406)
Interest rate control == 2, t-3 0.162***  0.178***  (0.115*** 0.109** 0.113** 0.0656 0.00300 0.00767 -0.00501 0.109%**  0.141*** 0.103**
(0.0380) (0.0405) (0.0401) (0.0458) (0.0509) (0.0531) (0.00566)  (0.00508)  (0.00391) (0.0386) (0.0428) (0.0438)
Sample Full Full 1n2 1n2 Full Full 5n6 5n6 Full Full 9In10 9In10 Full Full 13n14 13n14
Observations 265 404 241 241 238 324 226 226 238 324 226 226 238 324 226 226
R-squared, within 0.335 0.350 0.582 0.643 0.220 0.363 0.493 0.517 0.730 0.552 0.624 0.806 0.279 0.461 0.549 0.588
Number of country_id 13 20 13 13 13 20 13 13 13 20 13 13 13 20 13 13

Note: All regressions include country fixed effects and year fixed effects. The right hand side variables are lagged 3 periods. The right hand side deregulation dummies are constructed as follows: We create a dummy variable corresponding with each value for each index. We drop
the category 0 for each deregulation variable. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU KLEMS database. Financial globalization is sum of foreign assets and liabilities as
percentage of GDP (in log) and is taken from Lane and Milesi-Ferretti (2007). Domestic credit data are from Schularick and M. (2012). The sample ends in 1998. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table A2: Finance Relative Wage and Relative Skill Intensity, Predictive Regressions, Nonlinear Effects of Financial Reform

Dependent Variable:

Change in finance relative share of IT in capital stock, t-3 to t

Change in domestic credit/GDP, t-3 to t

Change in financial globalization, t-3 to t

Change in international capital restrictions == 1, t-3to t

Change in international capital restrictions == 2, t-3to t

Change in privatization ==-1,t-3to t

Change in privatization==1,t-3to t

Change in privatization ==2,t-3to t

Change in entry barriers==1,t-3to t

Change in banking supervision==1,t-3to t

Change in directed credit ==-1,t-3tot

Change in directed credit==1,t-3tot

Change in directed credit==2,t-3to t

Change in interest rate control ==-1,t-3to t

Change in interest rate control == 1,t-3 to t

Change in interest rate control == 2, t-3 to t

Sample

Observations

R-squared

Number of countries

(1)

()

3)

(4)

Change in finance relative wage, t to t+3

(5)

(6)

@)

(@)

Change in finance skilled relative wage t to t+3

(9)

(10)

(11) (12)

Change in finance relative skill intensity, t to t+3

(13)

(14)

(15)

(16)

Change in finance excess wage, t to t+3

0.530
(0.373)
-0.0788
(0.0612)

0.340%**
(0.0973)

Full
265
0.268
13

0.0576***
(0.0199)
0.503***
(0.165)
-0.0611%*
(0.0281)
0.00748
(0.0213)
0.115%*
(0.0571)
-0.0182
(0.0211)
0.0493***
(0.0160)
0.0795
(0.0529)
0.0172
(0.0216)
-0.118
(0.122)
0.0805
(0.0938)
-0.0182
(0.0253)
0.0307
(0.0292)

Full
404
0.262
20

0.0673**
(0.0283)
0.488%**
(0.161)
-0.0578
(0.0764)
-0.0255
(0.0250)
0.132%*
(0.0626)
-0.0272
(0.0192)
0.0225
(0.0179)
0.0801
(0.0580)
0.0404
(0.0330)
-0.374%%*
(0.0735)
-0.0704
(0.0737)
0.0121
(0.0372)
0.00409
(0.0301)

1n2
241
0.364
13

0.527
(0.400)
-0.0566
(0.0471)
0.141*
(0.0804)

0.0764**
(0.0305)

0.472%**
(0.156)

-0.121
(0.0893)
-0.0207
(0.0240)
0.127**
(0.0625)
-0.0284
(0.0190)
0.0243
(0.0181)
0.0909*
(0.0529)
0.0330
(0.0300)

-0.420%**
(0.0729)
-0.0587
(0.0645)

0.0127
(0.0344)
-0.00237
(0.0282)

1n2
241
0.390
13

0.0769
(0.339)
-0.0849
(0.0643)
0.148*
(0.0756)

Full
238
0.348
13

0.0299
(0.0207)
0.355%*

(0.168)
-0.0748*
(0.0382)
-0.00140
(0.0203)

0.0437
(0.0722)
0.00663
(0.0223)
0.00568
(0.0158)

0.0672
(0.0792)
0.00568
(0.0245)

-0.114

(0.111)
-0.00700
(0.0828)
-0.0182
(0.0295)
-0.0721
(0.0464)

Full
324
0.334
20

0.0419
(0.0288)
0.357%*

(0.180)
-0.0819
(0.0765)
-0.0437%
(0.0262)

0.0556
(0.0738)
0.00741
(0.0236)
0.00741
(0.0185)

0.0727
(0.0833)

0.0293
(0.0359)

-0.326%**
(0.0686)

-0.0728
(0.0854)
-0.0223
(0.0414)
-0.0710
(0.0503)

5n6
226
0.397
13

0.241
(0.411)
-0.0722
(0.0540)

0.106
(0.0853)
0.0469
(0.0320)
0.346*
(0.178)
-0.122
(0.0944)
-0.0377
(0.0264)
0.0570
(0.0720)
0.00656
(0.0240)
0.00838
(0.0193)
0.0820
(0.0806)
0.0237
(0.0337)

-0.357%**
(0.0716)
-0.0653
(0.0757)
-0.0228
(0.0396)
-0.0786
(0.0486)

5n6
226
0.411
13

0.0190
(0.0395)
-0.0134%*
(0.00671)
0.0109**
(0.00439)

Full
238
0.284
13

0.00544*
(0.00280)
0.00612**
(0.00294)
0.00685
(0.00877)
-0.00162
(0.00288)
0.00124
(0.00269)
-0.00402%*
(0.00184)
0.00656**
(0.00257)
0.00430**
(0.00191)
0.00135
(0.00232)
0.0111***
(0.00390)
0.00871
(0.00546)
0.000270
(0.00242)
0.00452
(0.00640)

Full
324
0.399
20

0.0134
(0.0412)
-0.0137%*
(0.00657)
0.00723
(0.00534)
-0.000996  -0.000490
(0.00213)  (0.00212)
0.00301  0.00196
(0.00311)  (0.00335)
0.0455***  0.0434***
(0.00606)  (0.00737)
-0.00501  -0.00418
(0.00376)  (0.00373)
0.00131  0.00151
(0.00350)  (0.00367)
-0.00521*** -0,00524***
(0.00187)  (0.00184)
0.00288  0.00277
(0.00217)  (0.00219)
0.00270  0.00359*
(0.00183)  (0.00186)
0.00309  0.00282
(0.00252)  (0.00266)
0.0211***  0.0199%**
(0.00463)  (0.00610)
0.00296  0.00359
(0.00478)  (0.00496)
0.00363  0.00371
(0.00300)  (0.00292)
0.00395  0.00326
(0.00626)  (0.00655)
9n10 9n10
226 226
0.349 0.365
13 13

-0.0824
(0.346)

-0.104*
(0.0558)
0.155%*
(0.0755)

Full
238
0.335
13

0.0491**
(0.0195)
0.394%*

(0.154)

-0.0621%*
(0.0261)
0.00618
(0.0186)

0.0102
(0.0699)
-0.0264
(0.0231)

0.0178
(0.0166)

0.0620
(0.0573)

-0.00329

(0.0233)
-0.144
(0.124)
0.0527
(0.107)

-0.00340
(0.0306)

-0.000148
(0.0283)

Full
324
0.297
20

0.0596**
(0.0264)
0.390%*

(0.159)

-0.0723
(0.0759)
-0.0233
(0.0247)
0.0225

(0.0730)
-0.0302
(0.0209)
0.00570
(0.0192)
0.0656

(0.0607)
0.0187

(0.0340)

-0.397%**
(0.0742)
-0.0823
(0.0747)
0.00435
(0.0407)
-0.00822
(0.0311)

13n14
226
0.393
13

0.163
(0.392)
-0.0676
(0.0480)

0.121
(0.0829)

0.0633**
(0.0288)
0.377%*

(0.155)

-0.116
(0.0874)
-0.0163
(0.0243)
0.0251
(0.0710)
-0.0315
(0.0207)
0.00725
(0.0194)
0.0759
(0.0572)
0.0113
(0.0314)

-0.434%%+
(0.0730)
-0.0750
(0.0672)
0.00324
(0.0385)
-0.0181
(0.0291)

13n14
226
0.412
13

Note: All regressions include country fixed effects. The right hand side deregulation dummies are connstructed as follows: we calculate three-year changes (from t-3 to t) for each index. Then we create a dummy variable corresponding with each value for each index. We drop the category 0, which

corresponds to no change in three-year for each index. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU KLEMS database. Financial globalization is sum of foreign assets and liabilities as
percentage of GDP (in log) and is taken from Lane and Milesi-Ferretti (2007). Domestic credit data are from Schularick and M. (2012). The sample ends in 2000. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table A3: Financial Reforms and Relative ICT Use in Finance

Dependent Variable: Relative ICT Intensity in Finance Financial Globalization
(1) (2) (3) (4) (5) (6)
International capital restrictions == 1, t-3  0.0381*** 0.0293*** 0.0229*** 0.356*** 0.195*** 0.247***
(0.0124) (0.00950) (0.00843) (0.0848) (0.0643) (0.0623)
International capital restrictions == 2, t-3  0.0929*** 0.0289*** 0.0298*** 0.942*** 0.390*** 0.428***
(0.0111) (0.0100) (0.00885) (0.0762) (0.0679) (0.0654)
Entry barriers == 1, t-3 -0.0114 0.223***
(0.00727) (0.0537)
Entry barriers == 2, t-3 0.0190* 0.145*
(0.0112) (0.0830)
Interest rate control == 1, t-3 -0.00928 -0.0407
(0.00656) (0.0485)
Interest rate control == 2, t-3 0.00516 0.207***
(0.00709) (0.0524)
Privatization == 1, t-3 -0.0456*** -0.0893
(0.0119) (0.0880)
Privatization == 2, t-3 -0.0461*** -0.138
(0.0148) (0.109)
Banking supervision == 1, t-3 -0.0253*** 0.0442
(0.00624) (0.0461)
Banking supervision == 2, t-3 -0.0449%*** 0.167**
(0.0103) (0.0759)
Directed credit == 1, t-3 -0.0173** -0.0982
(0.00847) (0.0626)
Directed credit == 2, t-3 -0.00147 -0.254***
(0.0101) (0.0746)
Observations 241 241 241 241 241 241
R-squared, within 0.330 0.670 0.801 0.530 0.775 0.839
Number of countries 13 13 13 13 13 13
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects No Yes Yes No Yes Yes

Notes: Notes: This table investigates wehther deregulation determines relative ICT investment in finance.. Panel A uses linear deregulation
variables, whereas in Panel B we use a dummy variable for each value of each index. We drop dummies corresponding to the values of 0.
Deregulation data are from Abiad, Detragiache and Tressel (2008). Relative ICT use in finance is calculated from EU KLEMS database. The
sample is restricted to be the same as the sample of the level regressions in Table 6.



Table A4: Finance Relative Wage and Relative Skill Intensity, Predictive Regressions, TSLS --- First Stage Regressions

Instrumented, Dependent Variable: Change in International capital restrictions, t-3 to t

Instrument: International capital restrictions, t-3

Instrumented, Dependent Variable: Change in Finance relative share of ICT in capital stock, t-3 to t

Instrument: Relative Price of ICT in the Economy, t-3

Second Stage Dependent Variable: Changes from t to t+3 in

International capital restrictions, t-3

Change in finance relative share of ICT in capital stock, t-3 to t

Change in domestic credit/GDP, t-3to t

Change in financial globalization, t-3 to t

Change in privatization, t-3to t

Change in entry barriers, t-3to t

Change in banking supervision, t-3 to t

Change in directed credit, t-3to t

Change in interest rate control, t-3 to t

Observations

R-squared

(6]

Relative
Wage

-0.371%**
(0.0656)
1.365
(1.191)
0.191
(0.146)
0.175
(0.137)
0.116
(0.0814)
0.0729
(0.0710)
0.134**
(0.0615)
0.0270
(0.0666)
0.0297
(0.0401)

241
0.284

()

Relative Skilled Wage, Relative
Skill Intensity, Excess Wage

-0.473%**
(0.0862)
2.159*
(1.306)
0.129
(0.151)
0.189
(0.130)
0.0806
(0.0861)
0.0556
(0.0659)
0.128**
(0.0600)
-0.0167
(0.0623)
0.0235
(0.0400)

226
0.357

Second Stage Dependent Variable: Changes from t to t+3 in

Relative Price of ICT in the Economy, t-3

Change in domestic credit/GDP, t-3to t

Change in financial globalization, t-3 to t

Change in International capital restrictions, t-3 to t

Change in privatization, t-3to t

Change in entry barriers, t-3to t

Change in banking supervision, t-3 to t

Change in directed credit, t-3to t

Change in interest rate control, t-3 to t

Observations

R-squared

3)

Relative
Wage

-0.00755%**
(0.00167)
0.00499
(0.0134)
-0.00611
(0.00639)
-0.00981***
(0.00269)
0.00287
(0.00281)
-0.00267
(0.00288)
0.000207
(0.00242)
-0.00519**
(0.00217)
-0.00197
(0.00157)

237
0.446

(4)

Relative Skilled Wage, Relative
Skill Intensity, Excess Wage

-0.0151***
(0.00330)
0.00228
(0.0133)
-0.00806
(0.00658)
-0.0101***
(0.00271)
0.000370
(0.00287)
-0.00312
(0.00286)
-0.000950
(0.00253)
-0.00553**
(0.00228)
-0.00168
(0.00160)

223
0.476

Note: All regressions include country fixed effects. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU KLEMS database. Domestic bank
credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 2000. Robust standard errors in

parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table A5: Missing Observations on Finance Immigrants

A. Skilled Immigrants

Origin
Destination AUS AUT DNK FIN HUN IRL ITA LUX PRT Total
AUS 0 0 0 0 0 0 0 1 0 1
DNK 0 0 0 0 0 0 0 1 0 1
ESP 1 0 0 1 1 0 0 1 0 4
FIN 0 0 0 0 1 0 1 1 1 4
HUN 0 0 1 1 0 1 0 1 1 5
PRT 0 1 0 0 1 0 0 0 0 2
Total 1 1 1 2 3 1 1 5 2 17
A. Unskilled Immigrants
Origin

Destination AUS AUT DNK ESP FIN HUN IRL LUX SWE Total
AUS 0 0 0 0 0 0 0 1 0 1
CAN 0 0 0 0 0 0 0 1 0 1
ESP 0 1 0 0 0 1 0 0 0 2
FIN 0 0 0 1 0 0 1 0 0 2
HUN 1 0 1 0 1 0 1 1 1 6
IRL 0 0 1 0 0 0 0 1 0 2
PRT 0 0 0 0 1 1 0 0 0 2
SWE 0 0 0 0 0 0 0 1 0 1
Total 1 1 2 1 2 2 2 5 1 17

Notes: The table reports missing (those with the value of zero) bilateral observations in the OECD immigration
data for the finance sector. Although there are 17 missing observations for each type of worker employed in
finance, these missing observations overlap in only 7 cases.



Table A6: Immigration Stocks and Wages in Other Sectors -- Unskilled Immigrants

(1) (2) (3) (4)

A. Unskilled immigration in Health Services

Dependent variable: log(mL_health) (mL_health/mL)*100
Log(wL_health) 1.979%** -3.323%** 0.879 -14.71%**
(0.417) (0.959) (1.070) (2.465)
Log(wL_nonhealth) 6.338%** 18.64***
(1.017) (2.725)
Observations 197 197 197 197
R-squared 0.413 0.522 0.132 0.220

B. Unskilled immigration in Manufacturing

Dependent variable: log(mL_manuf) (mL_manuf/mL)*100
Log(wL_manuf) 1.701%** 4.899%** -9.680%** -6.808*
(0.368) (1.124) (1.928) (3.578)
Log(wL_nonmanuf) -4.242%** -3.809
(1.441) (5.198)

Observations 192 192 187 187
R-squared 0.479 0.505 0.269 0.270

C. Unskilled immigration in Real Estate and Business Services

Dependent variable: log(mL_rebus) (mL_rebus/mL)*100
Log(wL_rebus) 2.600*** 0.858 -6.842%** -7.089**
(0.567) (0.749) (2.325) (3.081)
Log(wL_nonrebus) 1.622%%* 0.230
(0.532) (1.347)
Observations 190 190 190 190
R-squared 0.475 0.500 0.155 0.155

Notes: m denotes imgration stocks in 2000, and w denotes wages in 1999. H denotes high-
skill and L denotes low-skill workers, where high-skill is consistently defined as four-year
college or university degree. "health" denotes employment in health and social works and
"nonhealth" denotes employment outside of health and social works and agriculture.
"manuf" denotes employment in manufacturing and "nonmanuf" denotes employment
outside of manufacturing and agriculture. "rebus" denotes employment in real estate,
renting and business activities and "nonrebus" denotes employment outside of real
estate, renting and business activities and agriculture. All regressions include source
country fixed effects and the following gravity variables: contiguity indicator,
commonlanguage indicator, and log distance between capital cities. Country sample: XXXX
FILL IN LIST XXXX Samples vary slightly due to data availability. Robust standard errors in
parentheses. *** p<0.01, ** p<0.05, * p<0.1. Source: migration data from OECD XXXX FILL
IN DETAILS XXXX and wage data from EU-KLEMS. Distance between capital cities, common
language and contiguity indicators are from the CEPII dataset.



Table A7: Finance Relative Wage and Relative Skill Intensity

(1) 2 3) (4) (5) (6) (7 (8) (9) (10) (11) (12) (13) (14) (15) (16)
Dependent Variable: Finance relative wage Finance skilled relative wage Finance relative skill intensity Finance excess wage
Finance relative share of ICT in capital stock, t-3 0.864* 0.449 0.944* 1.207** 0.167*** 0.155%** 0.927** 0.703
(0.474) (0.454) (0.501) (0.506) (0.0386) (0.0456) (0.458) (0.469)
Domestic credit/GDP, t-3 -0.0584 0.0276 0.157* 0.262*** 0.00286 0.0103 -0.0291 0.0666
(0.0755) (0.0666) (0.0827) (0.0771) (0.00626) (0.00669) (0.0751) (0.0707)
Financial globalization, t-3 0.366%** 0.251%** 0.100* -0.0472 0.0485%** 0.0482%** 0.271%** 0.164%**
(0.0506) (0.0479) (0.0589) (0.0554) (0.00420) (0.00471) (0.0534) (0.0511)
International capital restrictions, t-3 0.105***  0.143***  0,0995*** 0.0483**  0.0841***  0.0832*** 0.0139*** 0.00831*** -0.000477 0.109%**  0.139%**  0.107***
(0.0225)  (0.0261)  (0.0258) (0.0239)  (0.0307)  (0.0311) (0.00325)  (0.00308)  (0.00244) (0.0224)  (0.0280)  (0.0287)
Privatization, t-3 -0.00402  -0.0534 -0.0392 -0.00714  -0.0372 -0.0454 -0.0137*** -0.0136*** -0.0127*** -0.0182 -0.0490 -0.0382
(0.0353)  (0.0425)  (0.0407) (0.0332)  (0.0448)  (0.0442) (0.00481)  (0.00501)  (0.00386) (0.0312)  (0.0413)  (0.0410)
Entry barriers, t-3 -0.0291  -0.123***  .0.151%** -0.0573**  -0.0719*  -0.120%** 5.69e-05  0.00163  -0.00416 -0.118%**  .0.130***  -0.158%**
(0.0254)  (0.0332)  (0.0324) (0.0265)  (0.0375)  (0.0379) (0.00387)  (0.00422)  (0.00323) (0.0249)  (0.0346)  (0.0350)
Banking supervision, t-3 0.135%**  0.186***  0.163*** 0.127***  0.162***  0.200%** 0.0109***  0.0117*** (0.00857*** 0.146***  0.177***  .172%**
(0.0245)  (0.0294)  (0.0292) (0.0233)  (0.0318)  (0.0325) (0.00333)  (0.00345)  (0.00278) (0.0219)  (0.0294)  (0.0302)
Directed credit, t-3 -0.0452**  -0.00715 0.0210 0.0176 0.0191 0.00773 -0.00800*** -0.00420  0.00132 -0.0290 -0.0215  -0.00157
(0.0209)  (0.0282)  (0.0271) (0.0203)  (0.0323)  (0.0322) (0.00293)  (0.00343)  (0.00264) (0.0190)  (0.0298)  (0.0299)
Interest rate control, t-3 0.0553***  0.0799***  0.0391* 0.0451*%*  0.0696***  0.0423* 0.00486*  0.00538**  -0.00178 0.0353*  0.0620***  0.0332
(0.0190)  (0.0213)  (0.0214) (0.0196)  (0.0235)  (0.0243) (0.00287)  (0.00260)  (0.00206) (0.0183)  (0.0217)  (0.0223)
Sample Full Full 1n2 1n2 Full Full 516 5n6 Full Full 9In10 9n10 Full Full 13n14 13n14
Observations 258 399 236 236 232 320 222 222 230 316 218 218 233 321 223 223
R-squared, within 0.281 0.230 0.406 0.491 0.171 0.225 0.280 0.354 0.722 0.442 0.508 0.732 0.221 0.306 0.349 0.409
Number of countries 13 20 13 13 13 20 13 13 13 20 13 13 13 20 13 13

Note: All regressions include country fixed effects and year fixed effects. The right hand side variables are lagged 3 periods. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is calculated from EU
KLEMS database. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 1998. Observation on the top and

bottom 1% of the distribution of the dependent variables are dropped from the regressions. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Table A8: Finance Relative Wage and Relative Skill Intensity, Predictive Regressions

2]

3)

(4)

Change in finance relative wage, t to t+3

(5)

(6)

(7)

()

Change in finance skilled relative wage, t to t+3

()

(10)

(11)

(12)

Change in finance relative skill intensity, t to t+3

(13)

(14)

(15)

(16)

Change in finance excess wage, t to t+3

@)
Dependent Variable:
Finance relative share of ICT in capital stock, t-3 to t 0.476
(0.545)
Domestic credit/GDP, t-3 to t -0.0806
(0.0864)
Financial globalization, t-3 to t 0.315%**
(0.0524)
International capital restrictions, t-3 to t
Privatization, t-3to t
Entry barriers, t-3to t
Banking supervision, t-3 to t
Directed credit, t-3to t
Interest rate control, t-3 to t
Sample Full
Observations 260
R-squared 0.131
Number of countries 13

0.0759***
(0.0182)
0.00655
(0.0219)
-0.0350*
(0.0190)

0.0474%*%
(0.0179)
-0.00325
(0.0180)
-0.00841
(0.0144)

Full
392

0.069
19

0.0968***
(0.0226)
-1.52e-05
(0.0277)
-0.0276
(0.0245)
0.0198
(0.0220)
0.00288
(0.0238)
0.0177
(0.0170)

1n2
237

0.090
13

0.461
(0.483)
-0.0728
(0.0723)
0.117**
(0.0517)
0.102***
(0.0230)
0.00517
(0.0278)
-0.0279
(0.0243)
0.0204
(0.0220)
-0.00362
(0.0241)
0.0160
(0.0170)

1in2
237

0.116
13

0.0773

(0.475)
-0.0938
(0.0774)
0.130***
(0.0492)

Full
217

0.039
13

0.0474**
(0.0208)
-0.0140
(0.0240)
0.00402
(0.0207)
-0.00624
(0.0198)
0.00352
(0.0290)
-0.0165
(0.0170)

Full
277

0.024
18

0.0592**
(0.0254)
-0.0358
(0.0286)

0.0122
(0.0260)
0.00191
(0.0234)

0.0194
(0.0243)
0.00519
(0.0195)

5n6
206

0.045
13

0.206
(0.495)
-0.114

(0.0769)
0.0855
(0.0524)
0.0626**
(0.0261)
-0.0308
(0.0287)
0.0135
(0.0260)
-0.00169
(0.0236)
0.0150
(0.0249)
0.00217
(0.0196)

5n6
206

0.068
13

-0.0102
(0.0439)
-0.0158**
(0.00706)
0.00962**
(0.00444)

Full
222

0.043
13

0.00138
(0.00240)
-0.00169
(0.00272)
-0.00559**
(0.00235)
0.00622***
(0.00226)
0.00245
(0.00211)
0.000285
(0.00192)

Full
277

0.054
18

-0.000375
(0.00249)
-0.00328
(0.00280)
-0.00537**
(0.00248)
0.00232
(0.00226)
0.00337
(0.00231)
0.00211
(0.00188)

9n10
210

0.055
13

0.00174
(0.0483)
-0.0146**
(0.00737)
0.00779
(0.00508)
-0.000163
(0.00256)
-0.00277
(0.00280)
-0.00520**
(0.00247)
0.00192
(0.00228)
0.00299
(0.00237)
0.00178
(0.00188)

9n10
210

0.084
13

-0.183
(0.468)
-0.155**
(0.0758)
0.159%**
(0.0475)

0.068

0.0632***
(0.0216)
-0.0220
(0.0248)
-0.0309
(0.0216)

0.000458
(0.0205)
-0.0115
(0.0197)
-0.00443
(0.0179)

Full
276

0.046
18

0.0792***
(0.0248)
-0.0377
(0.0279)
-0.0137
(0.0251)
-0.00306
(0.0228)

-0.000274
(0.0237)

0.0280

(0.0191)

13n14
207

0.080
13

0.0965
(0.482)
-0.130%

(0.0745)
0.0949*
(0.0512)
0.0817***
(0.0254)
-0.0312
(0.0279)
-0.0122
(0.0250)
-0.00679
(0.0229)
-0.00568
(0.0242)
0.0242
(0.0191)

13n14
207

0.109
13

Note: All regressions include country fixed effects. The right hand side deregulation variables are the three-year changes (from t-3 to t) for each index. Deregulation data are from Abiad, Detragiache and Tressel (2008). The dependent variables as well as relative ICT use in finance is
calculated from EU KLEMS database. Domestic bank credit data are from Schularick and Taylor (2012) and is normalized by GDP. Financial globalization is log(foreign assets + liabilities/GDP), data are from Lane and Milesi-Ferretti (2007). The sample ends in 2000. Observation on the top
and bottom 1% of the distribution of the dependent variables are dropped from the regressions. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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